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Preface 


communication theory by a number of w S h here and 
- lie pA | T f 14l pA | L 41, C 14A T3 anaa 
abroad. In view of the widespread interest in this field, Dean 
L. N. Ridenour suggested the present volume consisting of two 


papers on this subject. 

The first paper has not previously been printed in its present 
form, although a condensation appeared in Scientific American, 
July, 1949. In part, it consists of an expository introduction to 
the general theory and may well be read first by those desiring a 
panoramic view of the field before entering into the more mathe- 
matical aspects. In addition, some ideas are suggested for 
broader application of the fundamental principles of communi- 
cation theory. 

The second paper is reprinted from the Bell System Technical 
Journal, July and October, 1948, with no changes except the cor- 


rection of minor errata and the inclusion of some additional 
ZULULULINUS. Iut 15 1IMLCIHUCU uLuidđLt OUNSLTUUCILIL UC VOLO PIlICIls 111 ULIU 
field will be treated in a projected work dealing with more general 


aspects of information theory. 
It gives us pleasure to express ou r thanks to 
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makine this book possible., and to the 
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September, 1949 


pea 


29 


THE MATHEMATICAL THEORY OF COMMUNICATION 


Claude E. Shannon, Bell Telephone Laboratories 


| 


introductory Note on the General Setting 
of the Analytical Communication Studies’ 


The word communication will be used here in a very broad sense 
to include all of the procedures by which one mind may affect 


annthor Thia af enuren nunivee not anly wmttoan and naral 
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l 
| human behavior. In some connections it may be 
desirable to use a still broader definition of communication, 
namely, one which would include the procedures by means of 
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airplane and to compute its probable future positions) af 
another mechanism (say a guided missile chasing this airplane). 

The language of this memorandum will often appear to refer to 
the special, but still very broad and important, field of the com- 
munication of speech; but practically everything said applies 


! This paper is written in three main sections. In the first and third, W. W. 
is responsible both for the ideas and the form. The middle section, namely 
“2), Communication Problems of Level A” is an interpretation of mathe- 
matical papers by Dr. Claude E. Shannon of the Bell Telephone Labora- 
tories. Dr. Shannon’s work roots back, as von Neumann has pointed out, 
to Boltzmann’s observation, in some of his work on statistical physics 
(1894), that entropy is related to “missing information,” inasmuch as it is 
related to the number of alternatives which remain possible to a physical 
system after all the macroscopically observable information concerning it 
has been recorded. L. Szilard (Zsch. f. Phys. Vol. 53, 1925) extended this 
idea to a general discussion of information in physics, and von Neumann 
(Math. Foundation of Quantum Mechanics, Berlin, 1932, Chap. V) treated 
information in quantum mechanics and particle physics. Dr. Shannon’s 
work connects more directly with certain ideas developed some twenty 
years ago by H. Nyquist and R. V. L. Hartley, both of the Bell Labora- 
tories; and Dr. Shannon has himself emphasized that communication theory 
owes a great debt to Professor Norbert Wiener for much of its basic 
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concerned to > push the applications to engineering communication, while 
Wiener has been more concerned with biological application (central 
nervous system phenomena, etc.). 
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equally well to music of any sort, and to still or moving pictures, 
as in television. 


1.2. Three Levels of Communications Problems 


Relati ve to tne 


L H f vely does the received meaning affect con- 
JL fo AL Donated aaa O (OL, APP at CLI OY 
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The technical problems are concerned with the accuracy of 
transference from sender to receiver of sets of symbols (written 
speech), or of a continuously varying signal (telephonic or radio 
transmission of voice or music), or of a continuously varying two- 
dimensional pattern (television), etc. Mathematically, the first 
involves transmission of a finite set of discrete symbols, the 
second the transmission of one continuous function of time, and 
the third the transmission of many continuous functions of time 
or of one continuous function of time and of two space coordi- 
nates. 

The semantic problems are concerned with the identity, or sat- 
isfactorily close approximation, in the interpretation of meaning 
by the receiver, as compared with the intended meaning of the 
sender. This is a very deep and involved situation, even when one 
deals only with the relatively simpler problems of communicating 


Mr. X is suspected not to understand what Mr. Y says, then it is 
theoretically not possible, by having Mr. Y do nothing but talk 
further with Mr. X, completely to clarify this situation in any 
finite time. If Mr. Y says “Do you now understand me?” and 
Mr. X says “Certainly, I do,” this is not necessarily a certifica- 


tion that understanding has been achieved. It may Just be that 
Mr. X did not understand the question. If this sounds silly, try 
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it again as “Czy pan mnie rozumie?” with the answer “Hai 
wakkate imasu.” I think that this basic difficulty? is, at least in 
the restricted field of speech communication, reduced to a toler- 


able size (but never completely eliminated) by “explanations 
"e SLL fav ~~ aam ET ET wmakhtle<r ea m oa do te ann a thaw amnnnwematanna ta tha 
whicn (a) are presumapdiy never more tinan approximations to we 


L 
explained, but which (b) are understandable since 
they are phrased in language which has previously been made 
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tionally understandable. 
The semantic ‘problem has wide ramifications if one thinks of 
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a Russian of a U.S. newsreel picture. 

The effectiveness problems are concerned with the success with 
which the meaning conveyed to the receiver leads to the desired 
conduct on his part. It may seem at first glance undesirably 
narrow to imply that the purpose of all communication 1s to influ- 
ence the conduct of the receiver. But with any reasonably broad 
definition of conduct, it is clear that communication either affects 
conduct or is without any discernible and probable effect at all. 

The problem of effectiveness involves aesthetic considerations 
in the case of the fine arts. In the case of speech, written or oral, 
it involves considerations which range all the way from the mere 
mechanics of style, through all the psychological and emotional 
aspects of propaganda theory, to those value judgments which are 


necessary to give useful meaning to the words “success”? and 
“desired” in th 


1e opening sentence of this section on effectiveness 
ML. Af pn Adiarnn nnn munhlaw. ta anlanante<r inter pa -radh ALa age 
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mantic problem, and overlaps it in a rather vague way; and 
7“When Pfungst (1911) demonstrated that the horses of Elberfeld, who 
were showing marvelous linguistic and mathematical ability, were merely 
reacting to movements of the trainer’s head, Mr. Krall (1911), their owner, 
met the criticism in the most direct manner. He asked the horses whether 
they could see such small movements and in answer they spelled out an 


3 TT 


emphatic ‘No.’ Unfortunately we cannot all be so sure that our questions 
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are understood or obtain such clear answers.” See Lasniey, WH. 8., rer- 
tataan d TL Ae Ie 4h, nl tna anf ARAL AD 24. Ta net anamlas Daawa _f D-1- 
sistent rroplems 1n tne Evolution OF Vina 1n Yuarlerty MevieW oj DIOLOGgY, 
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there is in fact overlap between all of the suggested categories of 
problems. 
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The mathematical theory of the engineering aspects of com- 
munication, as devetcped chiefly by Claude Shannon at th Bell 
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transference of various types of signals from sender to receiver. 
But the theory has, I think, a deep significance which proves that 
the preceding paragraph is seriously inaccurate. Part of the sig- 
nificance of the new theory comes from the fact that levels B and 
C, above, can make use only of those signal accuracies which turn 
out to be possible when analyzed at Level A. Thus any limita- 
tions discovered in the theory at Level A necessarily apply to 
levels B and C. But a larger part of the significance comes from 
the fact that the analysis at Level A discloses that this level over- 
laps the other levels more than one could possible naively suspect. 
Thus the theory of Level A is, at least to a significant degree, also 
a theory of levels B and C. I hope that the succeeding parts of 
this memorandum will illuminate and justify these last remarks. 


2.1. A Communication System and Its Problems 


The communication system considered may be symbolically rep- 
resented as follows: 
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INFORMATION 
SOURCE TRANSMITTER RECEIVER DESTINATION 





MESSAGE MESSAGE 


LJ} Lj sien | senat d LI 


The information source selects a desired message out of a set of 
possible messages (this is a particularly important remark, which 
requires considerable explanation later). The selected message 
may consist of written or spoken words, or of pictures, music, etc. 

The transmitter changes this message into the signal which is 
actually sent over the communication channel from the transmit- 
ter to the recezver. In the case of telephony, the channel is a wire, 
the signal a varying electrical current on this wire; the trans- 
mitter is the set of devices (telephone transmitter, etc.) which 
change the sound pressure of the voice into the varying electrical 
current. In telegraphy, the transmitter codes written words into 
sequences of interrupted currents of varying lengths (dots, dashes, 
spaces). In oral speech, the information source is the brain, the 
transmitter is the voice mechanism producing the varying sound 
pressure (the signal) which is transmitted through the air (the 
channel). In radio, the channel is simply space (or the aether, if 
any one still prefers that antiquated and misleading word), and 
the signal is the electromagnetic wave which is transmitted. 


lhe receiver 1S 2 sort of 1 inverse transmitter erhanoinga the trane- 

t 4 4 ALALLA Y 4 & CULAR LEAL G Wa 3 VWittuLisniisoen VLIL WA CULL 
amanita A antawnal banale tnte annaaantn nennd lhanNHinan thin wmnneaanen nm 
IULLLEU DISI dl PACK IL11L0 d I ICS5sd 5t, AllU ildallul 1S Lilis lhlcssad#ec OII 
to the destination. When I talk to you, my brain is the informa- 


tion source, yours the destination; my vocal system is the trans- 
mitter, and your ear and the associated eighth nerve is the 
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roc 
teristic tl at certain things are e added to the , signal which were not 
intended by the information source. These unwanted additions 
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may be distortions of sound (in telephony, for example) or static 
(in radio), or distortions in shape or shading of picture (tele- 
vision), or errors in transmission (telegraphy or facsimile), etc. 
All of these changes in the transmitted signal are called novse. 


Tt 


uestions which one seeks to ask concerning such 
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w does one measure amount of information? 
b. How does one measure the capacity of a communication 


c. The action of the transmitter in changing the messave into 
A £64 WAY UAVS “a BA Vi NEA SESE UUU ER 1al VEE eed EEL LLUD LVU 
ften involv n Wh ha nh; 


Sa a 
teristics of an efficient coding process? And when the coding is 
as efficient as possible, at what rate can the channel convey 


information? 
d. What are the 
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noise affect the accuracy of the message finally received at the 
destination? How can one minimize the undesirable effects of 
noise, and to what extent can they be eliminated? 

e. If the signal being transmitted is continuous (as in oral 
speech or music) rather than being formed of discrete symbols 
(as in written speech, telegraphy, etc.), how does this fact affect 
the problem? 

We will now state, without any proofs and with a minimum 
of mathematical terminology, the main results which Shannon has 
obtained. 


eneral characteristics of noise? How does 


2.2. Information 


The word information, in this theory, is used in a special sense 
that 1 nust not be confused with its ordinary usage. In particular, 


meaning and the other of which is pure nonsense, can be exactly 
equivalent, from the present viewpoint, as regards information. 
It is this, undoubtedly, that Shannon means when he says that 
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aspects are necessarily irrelevant to the semantic aspects. 
To me sure, this word information in communication theory 
relates not so much to what you do say, as to what you could say. 
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That is, information is a measure of one’s freedom of choice when 
one selects a message. If one is confronted with a very elementary 
situation where he has to choose one of two alternative messages, 
then it 1s arbitrarily said that the information, associated with 


this situation, is unity. Note that it 1s misleading (although often 
UVULLVULLITC AU) LU Sa IAL ULIT Ul LLIT UULITL Lvs aSr, CULV Cys UillLv 
fr rr fr h a 3 


information. The concept of information applies not to the indi- 
vidual messages (as the concept of meaning would), but rather 
to the situation as a whole, the unit information indicating that 


in this situation one has an amount of freedom of choice 
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The two messages between which one must choose, in such a 


selection, can be anything one likes. One might be the text of the 
King James Version of the Bible, and the other might be “Yes. 
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The transmitter might code these two messages so that “zero” is 
the signal for the first, and “one” the signal for the second; or so 
that a closed circuit (current flowing) is the signal for the first, 
and an open circuit (no current flowing) the signal for the sec- 
ond. Thus the two positions, closed and open, of a simple relay, 
might correspond to the two messages. 

To be somewhat more definite, the amount of information is 
defined, in the simplest cases, to be measured by the logarithm of 
the number of available choices. It being convenient to use log- 
arithms? to the base 2, rather than common or Briggs’ logarithm 
to the base 10, the information, when there are only two choices, 
is proportional to the logarithm of 2 to the base 2. But this is 
unity; so that a two-choice situation is characterized by informa- 
tion of unity, as has already been stated above. This unit of 


? 
information 18 ealled 9 “hit VY thie ward ret eueseeetaod hy Tahn 
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VW . 
bers are expressed in the binary system there are only two digits, 
namely 0 and 1; just as ten digits, O to 9 inclusive, are used in 
the decimal number system which employs 10 as a base. Zero 


and one may ha takan ayvmhbhnlhinally tn ranracant anu turn ahninoag 
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ciate with the two-choice situation which has unit information. 
If one has available say 16 alternative messages among which 


? When m” = y, then z is said to be the logarithm of y to the base m. 
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he is equally free to choose, then since 16 = 2‘ so that log. 16 = 4, 
one says that this situation is characterized by 4 bits of infor- 
mation. 

It doubtless seem 


Th 


hat logarithmic measures are in fact the natural ones. At the 
moment, only one indication of this will be given. It was men- 
tioned above that one simple on-or-off relay, with its two posi- 


d 1 respectively. can handle a unit infor- 


j “~T 3 hed VERS 4 wepPeww wear veil ? MYOA SS rA tu TALLI 


i -rla s L th ann Oo’ L. s 5 a Ya 


mation situation, in which there are but two message choices. If 
one relay can handle unit information, how much can be handled 


by say three relays? It seems very reasonable to want to say 


that three relays could handle three times as much information 
as one And this indeed ic the way it works out if one uses the 


WR wee WW 0 = med ` Whh OS CE T he a WY V4 P i TUJA AN TT FR ws ALAS WMV AL JALLU VA ULLI 


logarithmic definition of information. For three relays are capa- 
ble of responding to 2° or 8 choices, which symbolically might be 
written as 000, 001, 011, 010, 100, 110, 101, 111, in the first of 
which all three relays are open, and in the last of which all three 
relays are closed. And the logarithm to the base 2 of 23 is 3, so 
that the logarithmic measure assigns three units of information 
to this situation, Just as one would wish. Similarly, doubling the 
available time squares the number of possible messages, and 
doubles the logarithm; and hence doubles the information if it is 
measured logarithmically. 

The remarks thus far relate to artificially simple situations 
where the information source is free to choose only between sev- 
eral definite messages — like a man picking out one of a set of 


standard birthday greeting telegrams. A more natural and more 
mmnoartant attiatinn ia that in which the information aniuree malac 
aitsprys VELL ~p,VUVUslaubsvVid bo VLAICU ALL YW¥2LAWIL ULIN LLLI WHI ILLIC CIVILI OV MULI CONS ILICLEIS UO 
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O 
selected sequence then forming the message. Thus a man may 
pick out one word after another, these individually selected words 


then adding up to form the message. 
At thio naint an imnoartant annaidoaratian whin ag haan in tho 
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lL. lemme P lo ann A LL tf. L Ll aa 1? 
DAaACKPZTOUNA, sO lal, comes to tne Ironi [or major attentlon. 


Namely, the role which probability plays in the generation of the 
message. For as the successive symbols are chosen, these cacices 
, at least from the point of view of the communicat 
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governed by probabilities; and in fact by probabilities which are 
not independent, but which, at any stage of the process, depend 
upon the preceding choices. Thus, if we are concerned with 
English speech, and if the last symbol chosen is “the,” then the 


probability that the next word be an article, or a verb form other 
than n tranha } wc IFAI? arma ll Mh ia hekietan infliinnan atratahaa 
Lliadll d YTI VA iy io YUL y OLLIctlil, A 111335 BPIVVANIIIDOLLY AILIZLUCLAVUYU OUuULUUUILILUDS 
over more than two words, in fact. After the three words “in the 


event” the probability for “that” as the next word is fairly high, 
and for “elephant” as the next word is very low. 


That there are probabilities which exert a certain degree of con- 
tral navar tha KRnolic languaga alan hannmaaga nhuiniie af ano thinke 
ULOL OVE UIT GISH Lali uat alid VOUULLITS UNV 1 OLC UllLILIND, 
ig t 4! 
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for example, of the fact that in our language the dictionary con- 
tains no words whatsoever in which the initial letter | J is followed 
by b, c,d, f, g, j, k, l, q, r, t, v, w, x, or z; so that the probability 
is actually zero that an initial } be followed by any of these 
letters. Similarly, anyone would agree that the probability is low 
for such a sequence of words as “Constantinople fishing nasty 
pink.” Incidentally, it is low, but not zero; for it is perfectly 
possible to think of a passage in which one sentence closes with 
“Constantinople fishing,” and the next begins with “Nasty pink.” 
And we might observe in passing that the unlikely four-word 
sequence under discussion has occurred in a single good English 
sentence, namely the one above. 

A system which produces a sequence of symbols (which may, 
of course, be letters or musical notes, say, rather than words) 
according to certain probabilities is called a stochastic process, 
and the special case of a stochastic process in which the proba- 
bilities depend on the previous events, is called a Markoff process 
or a Markoff chain. Of the Markoff processes which might con- 


ceivably generate messages, there is a special class which is of 
nrimarr imnartanaa far nam|mmiminrnatioaon theaary thaca haine what 
Pistia y didipyVl VALLE LUE UVLLTIILUELUMA IL VULICUL J; ULL DOU VULLA Yaicyu 
are called ergodic processes. The analytical details here are com- 


plicated and the reasoning so deep and involved that it has taken 
some of the best efforts of the best mathematicians to create the 
associated theory; but the rough nature of an ergodic process is 


J 
pacy ta wndaretand Tt ie nna which nradiiroce a sequence af evm- 
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bols which would be a poll-taker’s dream, because any reasonably 


large sample tends to be representative of the sequence as a 
whole. Suppose that two persons choose samples in different 
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ways, and study what trends their statistical properties would 
show as the samples become larger. If the situation is ergodic, 
then those two persons, however they may have chosen their 
samples, agree in their estimates of the properties of the whole. 


Ergodic systems, in other words, exhibit a particularly safe and 
nam fantin annt nf atatratinal eee 
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Now let us return to the idea of information. When we have 


an information source which is producing a message by succes- 
sively selecting discrete symbols (letters, words, musical notes, 


he probability of choice of the 
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information associated with this procedure? 

The quantity which uniquely meets the natural requirements 


that one sets p for ‘ nformation” turns out to be ctly that 
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which is known | in thermodynamics as entropy. Iti iS expressed | in 
terms of the various probabilities involved — those of getting to 
certain stages in the process of forming messages, and the proba- 
bilities that, when in those stages, certain symbols be chosen 
next. The formula, moreover, involves the logarithm of probabil- 
ities, so that it is a natural generalization of the logarithmic 
measure spoken of above in connection with simple cases. 

To those who have studied the physical sciences, it is most 
significant that an entropy-like expression appears in the theory 
as a measure of information. Introduced by Clausius nearly one 
hundred years ago, closely associated with the name of Boltz- 
mann, and given deep meaning by Gibbs in his classic work on 
statistical mechanics, entropy has become so basic and pervasive 
a concept that Eddington remarks “The law that entropy always 


La | a 


increases — the second law of thermodynamics — holds, I think, 
42 Armmnman nnantiann amanwneae tha laser nl Nlatsamnn P 
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In the physical sciences, the entropy associated with a situa- 


e 
tion is a measure of the ceare’ of randomness, or of ` shuffled- 
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ed, is so basic that Eddington argues that 


it is primarily this tendency which gives time its arrow — which 
would revea us, for example, whether a movie of the physical 
world is being run forward or backward. 
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Thus when one meets the concept of entropy in communication 
theory, he has a right to be rather excited — a right to suspect 
that one has hold of something that may turn out to be basic and 


natural when we remember that informatio 
ms WOU F A adanniatan 
CUL Y, IDB AÐSULCIdALCU 
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have in constructing messages. Thus for a communication source 
One can say, just as he would also say it of a thermodynamic 


ized by a large degree of randomness or of choice — that is to say, 
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point later, for unless I am quite mistaken, it is an important 
aspect of the more general significance of this theory. 
Having calculated the entropy (or the information, or the 


freedom of choice) of 9 certain mformat n saree. ane ean come 
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pare this to the maximum value this entropy could have, subject 
only to the condition that the source continue to employ the same 
symbols. The ratio of the actual to the maximum entropy is 
called the relative entropy of the source. If the relative entropy 
of a certain source is, say .8, this roughly means that this source 
is, in 1ts choice of symbols to form a message, about 80 per cent 
as free as it could possibly be with these same symbols. One 
minus the relative entropy is called the redundancy. This is the 
fraction of the structure of the message which is determined not 
by the free choice of the sender, but rather by the accepted 
statistical rules governing the use of the symbols in question. It 
is sensibly called redundancy, for this fraction of the message is 
in fact redundant in something close to the ordinary sense; that 
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completed. 
It 1s most interesting to note that the redundancy of English 
is just about 50 per cent,* so that about half o l 
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worde WA PENANO mn writing or enoalkinge pa] AO ann A 
YY VAAD YUU Viiv ALAL YY Aavilisy Wa WVVariiis, cu UELL ua VY wily vy 
mand abha dt hall alihan <p ann wnt nel nwler aaan nf LA nur 
ana apout nail (aitnougn we are not ordinarily aware oi 1t) are 
really controlled by the statistical structure of the language 
*The 50 per cent estimate accounts only for statistical structure out to 
about eight letters, so that the ultimate value is presumably a little higher. 
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Apart from more serious implications, which again we will post- 
pone to our final discussion, it is interesting to note that a 
language must pave a least 50 per cent of real freedom (or 
relative entropy) in the choice of letters if one is to be able 
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freedom, then it would be impossible to con- 
struct crossword puzzles in such complexity and number as would 
make the game popular, Shannon has estimated that if the 


er cent redundancy, then 
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puzzles. 


Before closing this section on information, it should be noted 
that the real reason that Level A analysis deals with a concept of 
information which characterizes the whole statistical nature of 
the information source, and is not concerned with the individual 
messages (and not at all directly concerned with the meaning of 
the individual messages) is that from the point of view of engi- 
neering, a communication system must face the problem of 
handling any message that the source can produce. If it is not 
possible or practicable to design a system which can handle 
everything perfectly, then the system should be designed to 
handle well the jobs it is most likely to be asked to do, and 
should resign itself to be less efficient for the rare task. This sort 
of consideration leads at once to the necessity of characterizing 
the statistical nature of the whole ensemble of messages which 
a given kind of source can and will produce. And information, 
as used in communication theory, does just this. 


Although it is not at all the purpose of this paper to be con- 


erned with mathematical details, itt neverthele 


o ess seems essential 
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expression which measures information. If one is concerned, as 
in a simple case, with a set of n independent symbols, or a set of n 
independent complete messages for that matter, whose probabili- 


ties of choice are N. Ma e m. then the actual expression for 
tba ton fawnatinn te 
LLiC TLIOL IIa LION Is 

H = — [p, log pı + p: log pe + + pn log Pa], 
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Whereë the symbol X indicates, as is usual in mathematics, that 
one is to sum all terms like the typical one, p; log pi, written as 
a defining sample. 

This looks a little complicated; but let us see how this expres- 


ion behaves in some simple cases. 
en C nat th at YFA N rA ahnnaine An ler between turn nadarhla 
WUPVPOSe isl Ullal WU ALU UlIVUUDSI 1S VU1il WEUWCUULL UWY PUDSIVIL 
messages, whose probabilities are then p, for the first and p: = 1 


— p, for the other. If one reckons, for this case, the numerical 
value of H, it turns out that H has its largest value, namely 
e 


one, when the two messages are equally probable; that is to say 
nen Pi — Pz: — 9, Wat 18 tO Say, when one is compievely Iiree to 


choose between the two messages. Just as soon as one message 
becomes more probable than the other (p, greater than pz, say), 
the value of H decreases. And when one message is very probable 


In. almast nna and Do alm nost zero 
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small (almost zero). 

In the limiting case where one probability is unity (certainty) 
and all the others zero (impossibility), then H is zero (no uncer- 
tainty at all — no freedom of choice — no information). 

Thus H is largest when the two probabilities are equal (e., 
when one is completely free and unbiased in the choice), and 
reduces to zero when one’s freedom of choice is gone. 

The situation just described is in fact typical. If there are 
many, rather than two, choices, then H is largest when the prob- 
abilities of the various choices are as nearly equal as circum- 
stances permit — when one has as much freedom as possible in 
making a choice, being as little as possible driven toward some 
certain choices which have more than their share of probability. 
Suppose, on the other hand, that one choice has a probability 
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toward one particular choice, and hence has little freedom of 
choice. And H in such a case does calculate to have a very small 
value — the information (the freedom of choice, the uncertainty) 
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themselves negative. Thus the minus sign is necessary in order that H be 


in fact positive. 
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the information is the greater, the more nearly equal are the 
probabilities of the various cases. There is another important way 
of increasing H, namely by increasing the number of cases. More 
accurately, if all choices are equally likely, the more choices there 


are, the larger H will be. There is more “information” if you 
anlan Lrani<, raat nf ma amd nf C Lleuar atandan RA n N A e ihan a i k a a a h e 
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select freely out of a set of twenty-five 
dah fa P o] e a y a a 
.3. Capacity of a Communication Channel 
After the discussion of the preceding section, one is not surprised 
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a S 
the number of symbols it can transmit, but rather in term 
information it transmits. Or better, since this last phrase lends 


itself particularly well to a misinterpretation of the word infor- 
mation. the capacity of a channel is to be described in terms of 
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its ability to transmit what is produced out of source of a given 
information. 

If the source is of a simple sort in which all symbols are of the 
same time duration (which is the case, for example, with tele- 
type), if the source is such that each symbol chosen represents 
s bits of information (being freely chosen from among 2’ sym- 
bols), and if the channel can transmit, say n symbols per second, 
then the capacity of C of the channel is defined to be ns bits per 
second. 

In a more general case, one has to take account of the varying 
lengths of the various symbols. Thus the general expression for 
capacity of a channel involves the logarithm of the numbers of 
symbols of certain time duration (which introduces, of course, 
the idea of tnformation and corresponds to the factor s in the 
simple case of the preceding paragraph); and also involves 
the number of such symbols handled (which corresponds to the 
factor n of the preceding paragraph). Thus in the general case, 
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capacity meacures not the number of symbole transmitted ner 
wpwveary 4 BAN CAD) LAA WAL LAAN? VU LYF T h M FT A” TTT H"a" AF da aO LLA AJIJ ALY _ WS BW AALIALAA Www WJ rvw 
secona, PUL ratner tne amount oi iniormauon iransmi itte ea per 


m peenn mtn enmoethinge ralled the einanal th 
rruyvuouwy 4k tai A 4L1U\7 WIN ELAN VELE LAS, WEA LhAWNVA Wa hw vue ru, Wwe 
Laia m arhat antan lley PaA N Nnm MATAT tha ahannal tan tha yponaan fhe 
VELIS Wllidadtv AULUALIY Passts Uvel ULC ULIALLLICL LU LIIT FCCcCtvecil 


Some Recent Contributions: Weaver 17 


The transmitter, in such a case as telephony, merely changes 
the audible voice signal over into something (the varying elec- 
trical current on the telephone wire) which is at once clearly 


different but clearly equivalent. But the transmitter may carry 
maed rs minh T h a a nanena ine Ananontinn i tha eA A ok FS 4A maenna aa h 
out a mucn more compiex operation on tne message to proauce 
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the signal. It could, for example, take a written 
some code to encipher this message into, sav 
- thes 
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Thus one says, in general, that the function of the transmitter 
is to encode, and that of the receiver to decode, the message. The 
theory provides for very sophisticated transmitters and receivers 


— such, for example, as possess “memories,” so that the way 
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upon this one symbol, but also upon previous symbols of the 
message and the way they have been encoded. 

We are now in a position to state the fundamental theorem, 
produced in this theory, for a noiseless channel transmitting 
discrete symbols. This theorem relates to a communication chan- 
nel which has a capacity of C bits per second, accepting signals 
from a source of entropy (or information) of H bits per second. 
The theorem states that by devising proper coding procedures 
for the transmitter it is possible to transmit symbols over the 
channel at an average rate® which is nearly C/H, but which, no 
matter how clever the coding, can never be made to exceed C/H. 

The significance of this theorem is to be discussed more use- 
fully a little later, when we have the more general case when 


noise 1s pre sent. For the moment. thou ugh, 1t 18 1m 
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Remember that the entropy (or information) associated with 
the process which generates messages or signals is determined by 
the statistical character of the process — by the various prob- 
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But the statistical character of the signal as actually transmitted 
by a channel, and hence the entropy in the channel, is deter- 
mined both by what one attempts to feed into the channel and 


by the capabilities of the channel to handle different signal 
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X ) in t telegraphy, there have to 
between dots and dots, between dots and dashes, and between 
dashes and dashes, or the dots and dashes would not be recog- 


Now it turns out that when a channel does have certain con- 
straints of this sort, which limit complete signal freedom, there 


are certain statistical sional characteristics which lead to a signal 
it y VO nanld ha far anv other st 
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entropy w y 
signal structure, and in this important case, “the signal entropy 
is exactly equal to the channel capacity. 

In terms of these ideas, it 1s now possible precisely to char- 
acterize the most efficient kind of coding, The best transmitter, 
in fact, is that which codes the message in such a way that the 
signal has just those optimum statistical characteristics which 
are best suited to the channel to be used — which in fact maxi- 
mize the signal (or one may say, the channel) entropy and make 
it equal to the capacity C of the channel. 

This kind of coding leads, by the fundamental theorem above, 
to the maximum rate C/H for the transmission of symbols. But 
for this gain in transmission rate, one pays a price. For rather 
perversely it happens that as one makes the coding more and 
more nearly ideal, one is forced to longer and longer delays in 
the process of coding. Part of this dilemma is met by the fact that 
in electronic equipment “long?” may mean an exceedingly small 


fraction of a second, and part by the fact that one makes a 
aAAmMnramiaa halanningag tha gain in tranamicainn rato againat Ince 
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steadily remember, a measure of one’s freedom of choice in select- 
ing a message. The greater this freedom of choice, and hence the 


greater the information, the greater is the uncertainty that the 
message actually selected is some particular one. Thus greater 
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freedom of choice, greater uncertainty, greater information go 
hand in hand. 
If noise is introduced, then the received message contains 


certain distortions, certain errors, certain extraneous material, 
e tos that t the received messag 
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tainty. But if the uncertainty is increased, the information 1s 
increased, and this sounds as though the noise were beneficial! 
It is generally true that when there is noise, the received signal 
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This is a situation which beautifully illustrates the semantic trap 
into which one can fall if he does not remember that “informa- 
tion” is used here with a special meaning that measures freedom 
of choice and hence uncertainty as to what choice has been made. 
It is therefore possible for the word information to have either 
good or bad connotations. Uncertainty which arises by virtue of 
freedom of choice on the part of the sender is desirable uncer- 
tainty. Uncertainty which arises because of errors or because of 
the influence of noise is undesirable uncertainty. 

It is thus clear where the joker is in saying that the received 
signal has more information. Some of this information 1s spurious 
and undesirable and has been introduced via the noise. To get 
the useful information in the received signal we must subtract 
out this spurious portion. 

Before we can clear up this point we have to stop for a little 
detour. Suppose one has two sets of symbols, such as the message 
symbols generated by the information source, and the signal 
symbols which are actually received. The probabilities of these 
two sets of symbols are interrelated, for clearly 
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sent. With no errors from noise or from other causes, the received 


signals would correspond precisely to the message symbols sent; 
and in the presence of possible error, the probabilities for received 


symbols would obviously be loade od heavily on those which cor- 
respond or alnaaly OAMTPrOAAnMAN tn + Oo me oAacgteoroa earmhnalea cont 
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Now in such a situation one can calculate what is called the 


entropy of one set of symbols relative to the other. Let us, for 
example, consider the entropy of the message relative to the 
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signal. It is unfortunate that we cannot understand the issues 
involved here without going into some detail. Suppose for the 
moment that one knows that a certain signal symbol has actually 
been received. Then each message symbol takes on a certain 


probability — relatively large for the symbol identical with or the 


others. Using this set of probabilities, one calculates a tentative 
entropy value. This is ; the message entropy on the assumption 
of a definite known received or signal symbol. Under any good 
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heavily loaded on one or a few cases. Its value would be zero 
(see page 13) in any case where noise was completely absent, 
for then, the signal symbol being known, all message probabilities 


would be zero exe pt for one symbol (namely the one received) 
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which would have a probability of unity. 

For each assumption as to the signal symbol received, one can 
calculate one of these tentative message entropies. Calculate all 
of them, and then average them, weighting each one in accordance 
with the probability of the signal symbol assumed in calculating 
it. Entropies calculated in this way, when there are two sets of 
symbols to consider, are called relative entropies. The particular 
one just described is the entropy of the message relative to the 
signal, and Shannon has named this also the equrvocation. 

From the way this equivocation is calculated, we can see what 
its significance is. It measures the average uncertainty in the 
message when the signal 1s known. If there were no noise, then 
there would be no uncertainty concerning the message if the 
sional is known. If the information source has any residual 
uncertainty after the signal is known, then this must be unde- 
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quantity “the average uncertainty in the message source when the 


4 


received signal is known.” It can equally well be phrased in terms 
of the similar quantity “the average uncertainty concerning the 
received signal when the message sent is known.” This latter 
of course, also be zero if there were no noise. 
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where H (x) is the entropy or information of the source of mes- 
ees H(y) the entropy or information of received signals; 

H,(x) the equivocation, or the uncertainty in the message source 
if the signal be known; H,(y) the uncertainty in the received 


e 
uation is the useful information which is transmitte 
spite of the bad effect of the noise. 


to, 


It is now possible to explain what one means by the capacity 
C of a noisy channel. It is, in fact, defined to be equal to the 
mawimium rato fan hita nan anann dÀi at whianh masfel tnfarmatinn 
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mitted over the channel. 
Why does one speak, here, of a “maximum” rate? What can 


one do, that 1S, to make this rate larger or smaller? The answer 
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is that one can affect this rate by choosing a source whose 
statistical characteristics are suitably related to the restraints 
imposed by the nature of the channel. That is, one can maximize 
the rate of transmitting useful information by using proper coding 
(see pages 16-17). 

And now, finally, let us consider the fundamental theorem for 
a noisy channel. Suppose that this noisy channel has, in the sense 
just described, a capacity C, suppose it is accepting from an 
information source characterized by an entropy of H(z) bits 
per second, the entropy of the received signals being H(y) bits 
per second. If the channel capacity C is equal to or larger than 
H (x), then by devising appropriate coding systems, the output 
of the source can be transmitted over the channel with as little 
error as one pleases. However small a frequency of error you 
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desirable (noise) uncertainty about what the message was; and 
this undesirable uncertainty — this equivocation — will always 
be equal to or greater than H (xz) — C. Furthermore, there 1s 
always at least one code which is capable of reducing this 
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undesirable uncertainty, concerning the message, down to a value 
which exceeds H(x) — C by an arbitrarily small amount. 

The most important aspect, of course, is that the minimum 
undesirable or spurious uncertainties cannot be reduced further, 


m how complicated or appropriate the coding process 
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simple description of the utmost dependability one can ever 
obtain from a communication channel which operates in the 
presence of noise. 


One practical consequence, pointed out by Shannon, should þe 
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be possible to save about one-half the time of ordinary telegraphy 
by a proper encoding process, provided one were going to transmit 
over a noiseless channel. When there is noise on a channel, how- 


ever, there is some real advantage in not using a coding process 
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that eliminates all of the redundancy. For the remaining redun- 
dancy helps combat the noise. This is very easy to see, for just 
because of the fact that the redundancy of English is high, one 
has, for example, little or no hesitation about correcting errors in 
spelling that have arisen during transmission. 


2.6. Continuous Messages 


Up to this point we have been concerned with messages formed 
out of discrete symbols, as words are formed of letters, sentences 
of words, a melody of notes, or a halftone picture of a finite 
number of discrete spots. What happens to the theory if one 
considers continuous messages, such as the speaking voice with its 
continuous variation of pitch and energy? 

Very roughly one may say that the extended theory is some- 


what more difficult and complicated mathematically, but not 
anaannti1al lx A3 Arant M anay nf tha aharra atatamanta fap tha 
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discrete case require no modification, and others require only 


minor change. 


One circumstance which helps a good deal is the following. As 
a practical matter, one is always interested in a continuous 
signal which is built up of simple harmonic constituents of not all 
frequencies, but rather of frequencies which lie wholly within 


a band from zero frequency to, say, a frequency of W cycles per 
second. Thus although the human voice does contain higher fre- 


Some Recent Contributions: Weaver 23 


quencies, very satisfactory communication can be achieved over 
a telephone channel that handles frequencies only up to, say four 
thousand. With frequencies up to ten or twelve thousand, high 


fidelity radio transmission of symphonic music is possible, ete. 
There is a very convenient mathematical theorem which states 
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in frequency to the range from 0 to W, can be completely speci- 
fied by stating 2TW numbers. This is really a remarkable 
theorem. Ordinarily a continuous curve can be only approxi- 
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mately characterized by stating any finite number of points 
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be required for complete information about the curve. But if the 
curve is built up out of simple harmonic constituents of a limited 
number of frequencies, as a complex sound is built up out of a 


limited number of pure tones then a finite nu mber of narameters 
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is all that is necessary. This has the powerful advantage of 
reducing the character of the communication problem for con- 
tinuous signals from a complieated situation where one would 
have to deal with an infinite number of variables to a consider- 
ably simpler situation where one deals with a finite (though 
large) number of variables. 

In the theory for the continuous case there are developed 
formulas which describe the maximum capacity C of a channel of 
frequency bandwidth W, when the average power used in trans- 
mitting is P, the channel being subject to a noise of power N, 
this noise being “white thermal noise” of a special kind which 
Shannon defines. This white thermal noise is itself band limited 
in frequency, and the amplitudes of the various frequency con- 
stituents are subject to a normal (Gaussian) probability distri- 
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ate cannot possibly be exceeded, no matter how clever 
the coding, without giving rise to a definite frequency of errors. 
For the case of arbitrary noise, rather than the special “‘white 
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thermal” noise assumed above, Shannon does not succeed in 
deriving one explicit formula for channel capacity, but does ob- 
tain useful upper and lower limits for channel capacity. And he 


also derives limits for channel capacity when one specifies not 
the average power of the transmitter, but rather the peak 


are necessarily somewhat less spevific, but which are of obviously 
deep and sweeping significance, which, for a general sort of con- 


tinuous message or signal, characterize the fidelity of the received 
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information, rate of transmission, and channel capacity, ail of 


these being relative to certain fidelity requirements. 
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The Interrelationship of the Three Levels 
of Communication Problems 


3.1. Introductory 


In the first section of this paper it was suggested that there are 
three levels at which one may consider the general communication 
problem. Namely, one may ask: 


nn m 1 > 1 
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;curately can the symbols of communication be 


LEVEL À. How a 
transmitted ? 


1 
d 
LeveL C. How effectively does the received meaning affect con- 


of communica- 
s, and particu- 
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We then took a look, in section 2, at what this mathematical 
theory is, what concepts it develops, what results it has obtained. 
It is the purpose of this concluding section to review the situa- 
tion, and see to what extent and in what terms the original 


of contributi ng to 1€veis 
indicating that the interrelation of the three levels 1s so con- 
siderable that one’s final conclusion may be that the separation 
into the three levels is really artificial and undesirable. 


3.2. Generality of the Theofy at Level A 


The obvious first remark, and indeed the remark that carries the 
major burden of the argument, is that the mathematical theory 
is exceedingly general in its scope, fundamental in the problems 


it treats. and of classic simplici nd power in the results it 
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reaches. 

This is a theory so general that one does not need to say what 
kinds of symbols are being considered — whether written letters 
or words, or musical notes, or spoken words, or symphonic music, 
or pictures. The theory is deep enough so that the relationships it 
reveals indiscriminately apply to all these and to other forms of 
communication. This means, of course, that the theory is suffi- 
ciently imaginatively motivated so that it is dealing with the 
real inner core of the communication problem — with those basic 
relationships which hold in general, no matter what special form 
the actual case may take. 

It is an evidence of this generality that the theory contributes 
importantly to, and in fact is really the basic theory of cryptog- 
raphy which is, of course, a form of coding. In a similar way, 
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requires consideration of meaning, as well as of information. 
Similarly, the ideas developed in this work connect so closely 
with the problem of the logical design of great computers that 


it 
U 


~~ 


is no surp l 
design of a computer which w of pla laying a 
skillful game of chess. And it is of further direct pertinence to 
the present contention that this paper closes with the remark 


that either one must say that such a computer “thinks,” or one 
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must substantially modify the conventional implication of the 
verb “to think.” 

As a second point, it seems clear that an important contribu- 
tion has been made to any possible general theory of communica- 


tion by the formalization on which the present theory is based. 


tion by the formalization on which ) y 
Tt sanma at Grat nha Ain mwn ram a Anmmiuininatinn aerwvatam aa 
it seems al first ODVIOUS to diag AIl A UVIMITMULICALION SYStelll dp 
it is done at the outset of this theory; but this breakdown of the 


situation must be very deeply sensible and appropriate, as one 
becomes convinced whe he sees how smoothly and generally this 


viewpoint | ad to cent 


æ; 


1 
additions to the schematic diagram on page 7, but it seems 
equally likely that what is required are minor additions, and no 


real revision. 


Thus when one moves to levels B and C. it mav prove to be 
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essential to take account of the statistical characteristics of th 
destination. One can imagine, as an addition to the diagram, 
another box labeled “Semantic Receiver” interposed between the 
engineering receiver (which changes signals to messages) and the 
destination. This semantic receiver subjects the message to a 
second decoding, the demand on this one being that it must 
match the statistical semantic characteristics of the message to 
the statistical semantic capacities of the totality of receivers, or 
of that subset of receivers which constitute the audience one 
wishes to affect. 

Similarly one can imagine another box in the diagram which, 
inserted between the information source and the transmitter, 
would be labeled “semantic noise,” the box previously labeled as 
simply “noise” now being labeled “engineering noise.” From this 
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t 
inescapably affect the destination. And the problem of semantic 
decoding must take this semantic noise into account. It is also 
possible to think of an adjustment of original message so that the 
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Thirdly, it seems highly suggestive for the problem at all levels 
that error and confusion arise and fidelity decreases, when, no 
matter how good the coding, one tries to crowd too much over a 
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channel (i.e., H > C). Here again a general theory at all levels 
will surely have to take into account not only the capacity of the 
channel but also (even the words are right!) the capacity of the 


audience. If one tries to overcrowd the capacity of the audience, 
it 1S probably t tru , by direct, analogy, that, you do not, so to 
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spilling. More likely, and again by direct analogy, if you over- 
crowd the capacity of the audience you force a general and 
inescapable error and confusion. 


Fourthly, it is hard to believe that levels B and C do not have 
minh ta laam fram and da nat hava th hh ta their 
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problems usefully oriented by, the development in this theory 
of the entropic ideas in relation to the concept of information. 
The concept of information developed in this theory at first 


seems disappointing and bizarre — disappointing because 1t has 
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nothing to do with meaning, and bizarre because it deals not 
with a single message but rather with the statistical character of 
a whole ensemble of messages, bizarre also because in these sta- 
tistical terms the two words information and uncertainty find 
themselves to be partners. 

I think, however, that these should be only temporary reac- 
tions; and that one should say, at the end, that this analysis has 
so penetratingly cleared the air that one is now, perhaps for the 
first time, ready for a real theory of meaning. An engineering 
communication theory is just like a very proper and discreet girl 
accepting your telegram. She pays no attention to the meaning, 
whether it be sad, or joyous, or embarrassing. But she must be 
prepared to deal with all that come to her desk. This idea that a 
communication system ought to try to deal with all possible 


messages and that the intelhiocoent way ta try ic tn haca decian an 
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significance for communication in general. Language must be 
designed (or developed) with a view to the totality of things that 
man may wish to say; but not being able to accomplish every- 
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The concept of the information to be associated with a source 


leads directly, as we have seen, to a study of the statistical struc- 
ture of language; and this study reveals about the English lan- 
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guage, as an example, information which seems surely significant 
to students of every phase of language and communication. The 
idea of utilizing the powerful body of theory concerning Markoff 
processes seems particularly promising for semantic studies, since 


EJ 


this theory is specifically adapted to handle one of the most sig- 
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context. One has the vague feeling that information and meaning 


may prove to Pe something like a pair of canonically conjugate 
variables in quantum theory, they being subject to some joint 


J 


restriction that condemns a person to the sacrifice of the on 
he insists on having much of the other. 

Or perhaps meaning may be shown to be analogous to one of 
the quantities on which the entropy of a thermodynamic ensemble 
depends. The appearance of entropy in the theory, as was re- 


and aionifinant Bdding— 
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ton has already been quoted in this connection, but there is 
another passage in “The Nature of the Physical World” which 
seems particularly apt and suggestive: 


pmte p 


Suppose that we were asked to arrange the following in two cate- 
gories — distance, mass, electric force, entropy, beauty, melody. 

I think there are the strongest grounds for placing entropy along- 
side beauty and melody, and not with the first three. Entropy is only 
found when the parts are viewed in association, and it is by viewing 
or hearing the parts in association that beauty and melody are dis- 
cerned. All three are features of arrangement. It is a pregnant 
thought that one of these three associates should be able to figure as 
a commonplace quantity of science. The reason why this stranger 
can pass itself off among the aborigines of the physical world is that 
it is able to speak their language, viz., the language of arithmetic. 


eaks the 
language. 


not only s 
language o 


language of arithmetic: it also speaks the 
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By Claude E. Shannon 
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as PCM and PPM which exchange bandwidth for signal-to-noise 


ratio has intensified the interest in a general theory of communi- 
cation. A basis for such a theory is contained in the important 
papers of Nyquist? and Hartley? on this subject. In the present 
paper we will extend the theory to include a number of new 
factors, in particular the effect of noise in the channel, and the 
savings possible due to the statistical structure of the original 
message and due to the nature of the final destination of the 
information. 

The fundamental problem of communication is that of repro- 
ducing at one point either exactly or approximately a message 
selected at another point. Frequently the messages have meaning; 
that is they refer to or are correlated according to some system 


with certain physical or conceptual entities. These semantic 
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lem. ihe significant aspect is that the actual message is one 
selected from a set of possible messages. The system must be 
designed to operate for each possible selection, not just the one 
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which will actually be chosen since this is unknown at the tim 
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mission Theory,” AJ.F.E. Trans., v. 47, April 1928, p. 617. 
* Hartley, R. V. L., “Transmission of Information,” Bell System Technical 


Journal, July 1928, p. 535. 
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If the number of messages in the set is finite then this number 
or any monotonic function of this number can be regarded as a 
measure of the information produced when one message is chosen 


from the set, all choices being equally likely. As was pointed out 

hv Hartlayw tha manot natural ahnainoa 1a tha lnaranmnthmin function 
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Although this definition must be generalized considerably when 
we consider the influence of the statistics of the message and 
when we have a continuous range of messages, we will in all 
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The logarithmic measure is more convenient for various 


our 
e 


ers Oi engineering 
importance such as time, bandwidth, number of relays, etc., tend 
to vary linearly with the logarithm of the number of possibilities. 
For example, adding one relay to a group doubles the number of 
possible states of the relays. It adds 1 to the base 2 logarithm 
of this number. Doubling the time roughly squares the number of 
possible messages, or doubles the logarithm, ete. 


2. It is nearer to our intuitive feeling as to the proper measure. 
This is closely related to (1) since we intuitively measure 
entities by linear comparison with common standards. One feels, 
for example, that two punched cards should have twice the 
capacity of one for information storage, and two identical chan- 
nels twice the capacity of one for transmitting information. 


3. It 1s mathematically more suitable. Many of the limiting 
operations are simple 1 in terms of the logarithm but would require 
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information N such devices can store N bits, since the total 
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a decimal digit is about 33 bits. A digit wheel on a desk com- 
puting machine has ten stable positions and therefore has 

storage capacity of one decimal digit. In analytical work where 
integration and differentiation are involved the base e is some- 
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natural units. Change from the base a to base b merely requires 


multiplication by log» a. 
By a communication system we will mean a system of the 
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1. An information source which produces a message or sequence 
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message may be of various types: (a) A sequence of letters as 
in a telegraph or teletype system; (b) A single function of time 
f(t) as in radio or telephony; (c) A function of time and other 
variables as in black and white television — here the message 
may be thought of as a function f (x, y, t) of two space coordi- 
nates and time, the light intensity at point (x, y) and time t on a 
pickup tube plate; (d) Two or more functions of time, say 
f(t), g(t), h(t) —this is the case in “three-dimensional’’ sound 
transmission or if the system is intended to service several indi- 
vidual channels in multiplex; (e) Several functions of several 
variables —in color television the message consists of three 
functions f(z, y, t), g(x, y, t), h(a, y, t) defined in a three- 
dimensional continuum — we may also think of these three func- 
tions as components of a vector field defined in the region — 
similarly, several black and white television sources would pro- 
duce “messages” consisting of a number of functions of three 
variables; ( f) Various combinations also occur, for example in 
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2. A transmitter which operates on the me 
for transmission over the channel. In 
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diagram of a general communication system. 


leaved properly to construct the signal. Vocoder systems, tele- 
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operations applied to the message to obtain the signal. 


3. The channel is merely the medium used to transmit the 
signal from transmitter to receiver. It may be a pair of wires, a 
coaxial cable, a band of radio frequencies, a beam of light, ete. 
During transmission, or at one of the terminals, the signal may 
be perturbed by noise. This is indicated schematically in Fig. 1 
by the noise source acting on the transmitted signal to produce 
the received signal. 


4. The receiver ordinarily performs the inverse operation of 
that done by the transmitter, reconstructing the message from 
the signal. 


5. The destination is the person (or thing) for whom the mes- 
sage 1s intended. 


I7 


We wish to consider certain general problems involving com- 
munication systems. To do this it is first necessary to represent 
the various elements involved as mathematical entities, suitably 


idealized from their physical counterparts. We may roughly 
nlaaarfuy RAmMminiratinn arratame Inta thran maim natananrinac: 
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discrete, continuous and mixed. By a discrete system we will 


mean one in which both the message and the signal are a sequence 
of discrete symbols. A typical case is telegraphy where the mes- 
and the signal a sequence of dots, 
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message and signal are both treated as continuous functions, 
e.g., radio or television. A mixed system is one in which both 
discrete and continuous variables appear, e.g., PCM transmission 
of speech. 
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computing machines, the design of telephone exchanges and other 


fields. In addition the discrete case forms a foundation for the 
continuous and mixed cases which will be treated in the second 


half of the paper. 


1. The Discrete Noiseless Channel 


Teletype and telegraphy are two simple examples of a discrete 
channel for transmitting information. Generally, a discrete chan- 
nel will mean a system whereby a sequence of choices from a 
finite set of elementary symbols Sı > > - S, can be transmitted 
from one point to another. Each of the symbols S; is assumed to 
have a certain duration in time t; seconds (not necessarily the 
same for different S;, for example the dots and dashes in teleg- 
raphy). It 1s not required that all possible sequences of the S; be 
capable of transmission on the system; certain sequences only 
may be allowed. These will be possible signals for the channel. 
Thus in telegraphy suppose the symbols are: (1) A dot, consist- 
ing of line closure for a unit of time and then line open for a unit 


of time; (2) A dash, consisting of three time units of closure 
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units ofl line open; (4) A word space o of six units of line open. We 
might place the restriction on allowable sequences that no spaces 
follow each other (for if two letter spaces are adjacent, they are 


identical with a word space). The auestion we now consider 1s 
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Inrtormation. 


In the teletype case where all symbols are of the same duration, 
and any sequence of the 32 symbols is allowed, the answer is easy. 


Each symbol represents five bits of information. If the system 
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transmits n symbols per second it is natural to say that the 
channel has a capacity of 5n bits per second. This does not mean 
that the teletype channel will always be transmitting information 
at this rate — this is the maximum possible rate and whether or 


not the actual rate reaches this maximum depends on the source 
anaf Snfrarnmatenn sarhianh fanda th trhannal fa E a | ay Omer we latnam 
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In the more general case with different lengths of symbols and 
constraints on the allowed sequences, we make the following 
definition: The capacity C of a discrete channel is given by 


log N(T) 
C = Lim — 
T=% 
where N (T) is the number of allowed signals of duration T. 
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exist as a finite number in most cases of interest. Suppose all 
sequences of the symbols Sı, - > > , S, are allowed and these 
symbols have durations t, - - : , ta. What is the channel 
capacity? If N(t) represents the number of sequences of duration 
t we have 


N(t)=N(t—t,) + N(t—t.) $+: +++ N(t— ty). 


The total number is equal to the sum of the numbers of sequences 
ending in Sı, S:,- © © ,S, and these are N(t — t,), N(t — te), 

, N(t — ta), respectively. According to a well-known result 
in finite differences, N (t) is the asymptotic for large t to AX 
where A is constant and X» is the largest real solution of the 
characteristic equation: 


Xa + X—t + . . ‘ + X Tin = } 
and therefore 
log AXo 
C = Lim —~"— = log Xo. 
T+ T 
In case there are restrictions on allowed sequences we may still 
often nhtiai a niflawnnanann aniaatinn nf thie ternn an qt AnA A faunan 
oiten Optain a aiiierence equation oi tNis type ana nna U irom 
the characteristic equation. In the telegraphy case mentioned 
above 
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as we see by counting sequences of symbols according to the 

last or next to the last symbol occurring. Hence C is — log po 

where uo is the positive root of 1 = p? + pt + uë + w t+ uè H 
p”. Solving this we find C = 0.539 
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allowed sequences is the following: We imagine a number of 

possible. states a1, a2, © * * , Gm. For each state only certain 

symbols from the set S,,: © © , S, can be transmitted (different 
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subsets for the different states). When one of these has been 
transmitted the state changes to a new state depending both on 
the old state and the particular symbol transmitted. The tele- 


case 1s a simple example of this. There are two states 
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W 
mitted. If so, then only a or a dash can be sent next and the 
state always changes. If not, any symbol ¢ can be transmitted and 
the state changes if a space is sent, otherwise it remains the same. 
The conditions can be indicated in a linear graph as shown in 
Fig. 2. The junction points correspond to the states and the lines 
indicate the symbols possible in a state and the resulting state. 
In Appendix 1 it is shown that if the conditions on allowed 
sequences can be described in this form C will exist and can be 
calculated in accordance with the following result: 


Theorem 1: Let b$? be the duration of the s‘* symbol which is 
allowable in state 1 and leads to stage 1. Then the channel ca- 
pacity C tis equal to log W where W is the largest real root of the 
determinantal equation: 
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where ĝi; = 1 if i = j and is zero otherwise. 
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Fig. 2. — Graphical representation of the constraints on telegraph symbols. 
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For example, in the telegraph case (Fig. 2) the determinant 1s: 
— 1 (W> + W-*) 
| (W° + WS) (We + W* — 1) | 


On expansion this leads to the equation given above for this set 
of constraints. 


possible signals in a discrete channe 
linearly with time. The capacity to transmit information can be 
specified by giving this rate of increase, the number of bits per 
second required to specify the particular signal used. 

We now consider the information source. How is an information 
source to be described mathematically, and how much informa- 
tion in bits per second is produced in a given source? The main 
point at issue is the effect of statistical knowledge about the 
source in reducing the required capacity of the channel, by the 
use of proper encoding of the information. In telegraphy, for 
example, the messages to be transmitted consist of sequences of 
letters. These sequences, however, are not completely random. 
In general, they form sentences and have the statistical structure 
of, say, English. The letter E occurs more frequently than Q, 
the sequence TH more frequently than XP, etc. The existence of 
this structure allows one to make a saving in time (or channel 
capacity) by properly encoding the message sequences into signal 
sequences. This is already done to a limited extent in telegraphy 
by using the shortest channel symbol, a dot, for the most common 


? 


FEnoøolich letter F.: while tha infreanoaont lettere O X aro Trenre. 
A dilad stad LU VUWL mi | YY ELLAWV LUF T eo ALALLA 1 Vapi awvuwsny OG) ay LA LAL W a4wupiw 
uw mend her lawn nnn nR ett neem aAane £ Antan PSA Janhanw mM n tlan bap 
sSselnleed by longer SCQucices Ol dots ANU UdsSlics Lillis lUeda 15 


carried still further in certain commercial codes where common 
words and phrases are represented by four- or five-letter code 
groups with a considerable saving in average time. The stand- 


& C 
me 
oe 
Ny 
cD 
Qu 


sreetinga and annivercary telecrame now in mco exvtend 

mi WW Vilsbey CH ,bs,va QA LILLAL Y Wh WEL J vui wyi CULLA?) LANJ YY ALA TA J W With VW EANA 
4,22. La ALa ananin d Af ona aaan Adia a 2 mann d aaa ann man beeen ete on anlan dinn lae 
LILIS LO LIE pol 1L OI CHCOUHLIHI S a SCHLEILCE OI LWO LILO a ItcidLIYVEI 
short sequence of numbers. 


We can think of a discrete source as generating the message, 
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symbol by symbol. It will choose successive symbols according to 
certain probabilities depending, in general, on preceding choices 
as well as the particular symbols in question. A physical system, 
or a mathematical model of a system which produces such a 


sequence of symbols governed by a set of probabilities, 1s known 
aon atrnnhactin MmMA AAO 3 WAT. wan LTP O a rl; a Wallen uta" 4 ~ Nnn TA am PEA 
dd d SWUIASULYL pi UCTASS YVC Illa CULIIIUTI d ULSULTLO DOUI UU, tnei t= 


fore, to be represented by a stochastic process. Conversely, any 
stochastic process which produces a discrete sequence of symbols 
chosen from a finite set may be considered a discrete source. 


Natural written languages such as English, German, Chinese. 


T a re eee eres Aw mde in smrswemana that AVE Lanman ere ere 
WONLUTTUOUS TIOLTIAULIOTL SOUTCCS Ulldtl hav € PECILI ell der ed dis- 


crete by some quantizing process. For example, the quantized 
speech from a PCM transmitter, or a quantized television 


signal. 


3. Mathematical cases where we merely define abstractly a 
stochastic process which generates a sequence of symbols. The 
following are examples of this last type of source. 


(A) Suppose we have five letters A, B, C, D, E which are chosen 
each with probability .2, successive choices being independ- 
ent. This would lead to a sequence of which the following 
is a typical example. 


BDCBCECCCADCBDDAAECEEAABBD 
AKEECACEEBAEECBCEAD. 


This was constructed with the use of a table of random 


numbers.* 
(B) Using the same five letters let the probabilities be .4, .1, .2, 
P) 1 anant al, unt annnacaiva nhminaa indanondant 
6? ak OODE } Will OUUUUDNSAVY YUU ALLE ELIA. sh 
e fro 17 1) 


(C) A more complicated s structure is obtained if successive 
symbols are not chosen independently but their probabilities 


? See, for example, S. Chandrasekhar, “Stochastic Problems in Physics and 
Astronomy,” Reviews of Modern Physics, v. 15, No. 1, January 1943, p. 1. 
*Kendall and Smith, Tables of Random Sampling Numbers, Cambridge, 
1939. 
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depend on preceding letters. In the simplest case of this type 
a choice depends only on the preceding letter and not on 
ones before that. The statistical structure can then be de- 


scribed by a set of transition probabilities p; (J), the prob- 
is followed by letter J. The indice 


MF ha T = £4 %/7 ~ 2 an 


v1 

A manon nwvar all tha nnaenhla rmbo la A anannanAd aniu alan 

J LallSe UVTI all uI possipie Sy IL UUIS. A SUCUVLU equivalen 

way of specifying the structure is to give the “digram” 

probabilities p (i,j) _ the relative frequency of the di- 
ett 


eram t 7. The er "frequencies p(t), (the probability of 


jor 


z4 


t nsition probabilities n: (4) and the digram 
provanilities p(i,7) are reiatea Dy tne folowing formulas: 
rn Sore oN Se oy OS ry AN 
PH) = A= BX") J) = m PN, t) = L PANJI BIN) 
I aN = mlt\n.7) 
WEJ) ENSI PWS) 


As a specific example suppose there are three letters A, B, 
C with the probability tables: 


p:(J) J i | p(t) pt, j) J 

A B C A B C 
4 1 9 

1 1 16 . 8 8 
t B ry ry 0 B 7 (7 B > Ot 0 
1 2 1 2 1 4 1 
Cle 3 W C | ar C lar i is 

A typical message from this source is the following: 
ABBABABABABABABBBABBBBBABA 
BABABABBBACACABBABBBBABBAB 


ACBBBABA. 


The next increase in complexity would involve trigram 
frequencies but no more. The choice of a letter would de- 
pend on the preceding two letters but not on the message 


before that point. A set of trigram frequencies P(t, J 3, k) or 
e aa en ant Af tunanart hahilsé¢i na 4 ernan lN 
“ees duly a PEL UI UU all dsdlu WaWil 

3 a | 


ities Pij (k) wouid 
way one obtains successively 
more complicated stochastie p processes. In the general n-gram 
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case a set of n-gram probabilities p(t, ta, © > © , în) or of 
transition probabilities Pi, i,, °° © , a (în) is required to 
specify the statistical structure. 


™ fr 
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AAU PIVUUCE da 
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text consisting of a sequence of “words.” Suppose there are 
five letters A, B, C, D, E and 16 “words” in the language 
with associated probabilities: 


toms 


10 A 16 BEBE 11 CABED 04 DEB 
04 ADEB 04 BED 05 CEED 15 DEED 
05 ADEE 02 BEED .08 DAB 01 EAB 
01 BADD 05 CA 04 DAD 05 EE 


Ciaannnan CILI ANA ee eo i oe a 


puppose successive “words”? are chosen independents 
are separated by a space. A typical message might b 
DAB EE A BEBE DEED DEB ADEE ADEE EB DEB 
BEBE BEBE BEBE ADEE BED DEED DEED CEED 
ADEE A DEED DEED BEBE CABED BEBE BED DAB 
DEED ADEB. 


If all the words are of finite length this process is equivalent 
to one of the preceding type, but the description may be 
simpler in terms of the word structure and probabilities. We 
may also generalize here and introduce transition probabil- 
ities between words, etc. 


These artificial languages are useful in constructing simple 
problems and examples to illustrate various possibilities. We can 
also approximate to a natural language by means of a series of 
simple artificial languages. The zero-order approximation is ob- 


tained hy ehanecino all lett ere with the came nrohoahilit tv and in- 
LAALLL VA ny Wai bs Us RAD an LULL P G O &U Wh T W AUIL VAI LW kJ ee oe oe ee tg YJ CH LARVA ASA 
-l..~..--].-ile- mi. Lunt Pee ae a ee eo oe eo r EF eann M a a d ë Á ne Las ah i a E ae | 
UCVCcnacnuly. Lie IHIS5UL-OI rder appi oximation is obtai Il ed Wy CIHLIOUS-~ 


ing successive letters independently but each letter having the 
same probability that it has in the natural language.” Thus, in 
the first-order approximation to English, E is chosen with prob- 


`i 1 
ability 9 (fite fronanonevyv in normal Eng Ji sh) nd W vith nraha- 
J ial aur Aa way Mutiw ly 444 norma! Ai att aw) ZA ARIAL BAVA W AULA privyuw 
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10 influence between 


t Í jac 
no tendency to form the preferred digrams such as TH, ED, etc. 


m a 
TI 4 1, ? TT. aa Mi, WM Il T) ..1 1n a | 
rietcner irra tl, DIUE MIDDODN DOOKS, 1959. YVOTQa frequencies are tabulated 
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In the second-order approximation, digram structure is intro- 
duced. After a letter is chosen, the next one is chosen in accord- 
ance with the frequencies with which the various letters follow 
the first one. This requires a table of digram frequencies 7;(7). 


In the third-order approximation, trigram structure is introduced. 
IMAC! ICLLECI ID CIHLIOSCIL WItil PIVVAVILILITS WIH CII uepe IU OL] LIIC pic- 
ceding two letters. 


3. The Series of Approximations to English 


To give a visual idea of how this series of processes approaches a 
language, typical sequences in the approximations to English 


have been constructed and are given below. In all cases we have 
—~ ~ ded MANT ALAR VA WA U UUSA ee © Pan a RY WAS TT o ABA CULL WADIA YYW LIUW yY WY 
assumea a 2/-SymMpoi aipnapet, tne zo 1etters ana a space 


1. Zero-order approximation (symbols independent and equi- 
probable). 
XFOML RXKHRJFFJUJ ZLPWCFWKCYJ FFJEYV- 
KCQSGHYD QPAAMKBZAACIBZLHJQD. 


2. First-order approximation (symbols independent but with 
frequencies of English text). 
OCRO HLI RGWR NMIELWIS EU LL NBNESEBYA 
TH EEI ALHENHTTPA OOBTTVA NAH BRL. 


3. Second-order approximation (digram structure as in Eng- 
lish). 
ON IE ANTSOUTINYS ARE T INCTORE ST BE S 


DEAMY ACHIN D ILONASIVE TUCOOWE AT TEA- 
SONARE FUSO TIZIN ANDY TOBE SEACE CTISBE. 


eo i oe ee ee L V eee ABD ZARA YT ALBAN ANY AZ Bd RPA ANY Ba NL A OBA AY L 


4. Third-order approximation (trigram structure as in English). 


IN NO IST LAT WHEY CRATICT FROURE BIRS 
GROCID PONDENOME OF DEMONSTURES OF 
MmiirYtnh) DOIDNAINTNT TO TOZAN aA CVNTANAT A CNT SND 

LLID IVE L1AWULIN 15 REGOACTIONA Ut CRE. 


5. First-order word approximation. Rather than continue with 


tetracram.: °°: . n-gram structure it 1s easier and hatte ar tn 
Uw ua oss CALLA a ? FU t CULLA VVE MAY EAL 1U AR UOVA CALLA ORC UU VV 
@2atcern tA ÑY åE ÑY E Eb SE OO AMn Anun ~arl LT. a ee on ae A — an 
jump at this point tO word units. mere words are Chosell 


independently but with their appropriate frequencies. 
REPRESENTING AND SPEEDILY IS AN GOOD APT 
OR COME CAN DIFFERENT NATURAL HERE HE 
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THE A IN CAME THE TO OF TO EXPERT GRAY 
COME TO FURNISHES THE LINE MESSAGE HAD 
BE THESE. 


6. Second-order word approximation. The word transition prob- 
abilities are correct but no further structure is included. 
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reasonably good structure out to about twice the range that is 
taken into account in their construction. Thus in (3) the statis- 
tical process insures reasonable text for two-letter sequences, but 
four-letter sequences from the sample can usually be fitted into 
good sentences. In (6) sequences of four or more words can easily 
be placed in sentences without unusual or strained constructions. 
The particular sequence of ten words “attack on an English writer 
that the character of this” is not at all unreasonable. It appears 
then that a sufficiently complex stochastic process will give a 
satisfactory representation of a discrete source. 

The first two samples were constructed by the use of a book of 
random numbers in conjunction with (for example 2) a table of 
letter frequencies. This method might have been continued for 
(3), (4) and (5), since digram, trigram and word frequency 
tables are available, but a simpler equivalent method was used. 


To construct (3) for example, one opens a book at random and 
PECICLCUS a IVuUTl AL I ALIIMUUILIL Uli VIIC pase A IIIS ICULTI AUTUULULUTCU.,. 
1 


3 1°71 1 


The book is then opened to another page and one reads until this 
letter is encountered. The succeeding letter is then recorded. 
Turning to another page this second letter is searched for and the 
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(EX and A) T+ w 
(o) ana \O). iù 


Ca 
beg 
J e+ 


the labor involved becomes enormous 
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at the next stage. 
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4. Graphical Representation of a Markoff Process 


Stochastic processes of the type described above are known math- 
ematically as discrete Markoff processes and have been exten- 
sively studied in the literature.® The general case can be described 
as follows: There exist a finite number of possible “states” of a 


system; me Ss, © © © , Sn. In addition there is a set of transition 
orobabilitie the mrnhahili¢txer that if tha acvrvatam ta tn atatan 
propapni1iitie , pilj), the propapuity that if tne system is in state 
©; it will next go to state S;. To make this Markoff process into an 


information source we need only assume that a letter is produced 
for each transition from one state to another. The states will cor- 


1 
A Ie rr ra a 11 


VN i 

3,4 and 5. The “states” are the junction points in the graph and 
the probabilities and letters produced for a transition are given 
beside the corresponding line. Figure 3 is for the example B in 
Section 2, while Fig. 4 corresponds to the example C. In Fig. 3 
there 1s only one state since successive letters are independent. In 
Fig. 4 there are as many states as letters. If a trigram example 
were constructed there would be at most n? states corresponding 
to the possible pairs of letters preceding the one being chosen. 
Figure 5 is a graph for the case of word structure in example D. 
Here S corresponds to the “space” symbol. 


5. Ergodic and Mixed Sources 


As we have indicated above a discrete source for our purposes can 
be considered to be represented by a Markoff process. Among the 
possible discrete Markoff processes there is a group with special 
properties of significance in communication theory. This special 
class consists of the “ergodic” processes and we shall call the 
corresponding sources ergodic sources. Although a rigorous defi- 
ution of an ergodic process is somewhat involved, the general 


= = w — = =A ewe T a o i S 
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frequencies, digram frequencies, etc., obtained from particular 
sequences, will, as the lengths of the sequences increase, approach 


° For a detailed treatment see M. Frechet, Methods des fonctions arbitraires. 
Theo orie des énénements en chaine dans le cas d'un nombre fini d'états pos- 
? . 
l 


7. = ara 
LOLLES. Paris, Gauthier Villars, 1938. 
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definite limits independent of the particular sequence. Actually 
this is not true of every sequence but the set for which it is false 
has probability zero. Roughly the ergodic property means sta- 
tistical homogeneity. 
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Fig. 3. — A graph corresponding to the source in example B. 
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Fig. 5. — A graph corresponding to the source in example D, 
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All the examples of artificial languages given above are ergodic. 
This property is related to the structure of the corresponding 
graph. If the graph has the following two properties’ the corre- 
sponding process will be ergodic: 


«a 


1. The graph does not consist of two isolated parts A and B 
such that it is impossible to go from junction points in part 
A to Junction points in part B along lines of the graph in the 


mpnossible to go from iunctions 
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Thus in Fig. 5 series BEBES is a circuit of length 5. Th 
second property required is that the greatest common divisor 
of the lengths of all circuits in the graph be one. 


J 


If the first condition is satisfied but the second one violated by 
having the greatest common divisor equal to d > 1, the sequences 
have a certain type of periodic structure. The various sequences 
fall into d different classes which are statistically the same apart 
from a shift of the origin (i.e., which letter in the sequence is 
called letter 1). By a shift of from 0 up to d — 1 any sequence 
can be made statistically equivalent to any other. A simple ex- 
ample with d = 2 is the following: There are three possible letters 
a, b, c. Letter a is followed with either b or c with probabilities 
ł and 2 respectively. Either b or c is always followed by letter a. 
Thus a typical sequence is 


abacacacabacababacae. 


eal aod al al Ter’ ai r” uriar — ~~ Tr” a — ad — we ad —— — = 


This type of situation is not of much importance for our work. 
If the first condition is violated the graph may be separated 


1 


each subgraph. We have in this case what may be called a 

“mixed” source made up of a number of pure components. The 

components correspond to the various subgraphs. If Li, Lz, Ls, 
- are the component sources we may write 


a w a | T? a m w 


"These are restatements in terms of the graph of conditions given in 
Frechet. 
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L = pily + pale + pols + ° 
where Di is the propabi ity of the component source Li. 


Dhr «rarna llxy tha arts ion epresented sa hk: MTh ama ann antrana l 
fly sically Une situation CPIeoelucu is tnis: ALICIC Alt scvelal 
different sources L, La Lz, © + * which are each of homogeneous 
statistical structure (i.e., they are ergodic). We do not know 


a priori which is to be used, but once the sequence starts in a 


3 


c1ven pure component L:. it continues indefinitely according to 
D Yr ~ r Vv +9) wv AF VALA UEY h £hLAVAWY AA vwa UAU UVUA NALIL wis 
tha ataticatinal atmintina anf that anmnnnan 

LIIT SULAUISUIUVAL SULLUULLULT Ul Ll L component. 

As an example one may take two of the processes defined above 
and assume p, = .2 and p: = .8. A sequence from the mixed 
source 

L = 2L,+ 8L, 

Ai oan Ad] i WAY 
would be obtained by choosing first L, or L with probabilities .2 
and .8 and after this choice generating a sequence from which- 


ever was chosen. 

Except when the contrary is stated we shall assume a source to 
be ergodic. This assumption enables one to identify averages 
along a sequence with averages over the ensemble of possible se- 
quences (the probability of a discrepancy being zero). For ex- 
ample the relative frequency of the letter A in a particular infi- 
nite sequence will be, with probability one, equal to its relative 
frequency in the ensemble of sequences. 

If P; is the probability of state t and p;(j) the transition prob- 
ability to state j, then for the process to be stationary it is clear 
that the P; must satisfy equilibrium conditions: 


P; = 2 Pipi()). 


In the ergodic case it can be shown that with any starting condi- 
tions the probabilities P;(N) of being in state j after N symbols, 
approach the equilibrium values as N > oo. 


6. Choice, Uncertainty and Entropy 


We have represented a discrete information source as a Markoff 
wearer CT (No an TTF A Anfhnn a marantatey arhin h xurrall ae eah i ie TF b S a mN I. 
process. Uan we aeine a quantity whicn Will Measure, in some 


2 


sense, how much information 1s “produced” by § such a process, or 
better, at what rate information is produced? 
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Suppose we have a set of possible events whose probabilities of 
occurrence are 1, Pz, ° * * , Dn. These probabilities are known but 
that is all we know concerning which event will occur. Can we 
find a measure of how much “choice” is involved in the selection 


of the event or of how uncertain we are of the outcome? 
Tf thann acm cainh oo wri MOV OV rem cis. ty LI fm fy a a \ 34 ia MAA QNT = 
it wnere IS SUCN a measure, SAY 42 \Pi, P2, » Pn), 1b 18 reason 
1 1 a bed M ¢, ra | A 11 . 
able to require of it the following properties: 
1. H should be continuous in the p;. 
1 o o 
—— pa 
2. If all the p; are equal, p; = >, then H should be a mono- 
tonic increasing function of n. With equally likely events 
thana A TA ANANA nhninn i. we anannt arinter car an thann owwnrn TY ATNA 
UlITLIU 15 LILHOLT UlIVLUL, Ul ULLUTL LAaALLLU ’ LITWLL VULIVIT alt? LVL 
possible events 
3. If a choice be broken down into two successive choices, the 
nam mnan] IT ahas lR ha tha ternar mwh tnan NIIPA af L inAdd] 
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the left we have three possibilities pı = 4, Do = $, D3 = €- 
On the right we first choose between two n ossibilities each 
with probability 4, and if the second occurs make another 
choice with probabilities 2, 4. The final results have the 
same probabilities as before. We require, in this special case, 
that 


A (3, 3) 5) = H (5, 2) + 3 3, 3). 


The coefficient 4 is the weighting factor introduced because this 
second choice only occurs half the time. 
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Fig. 6. — Decomposition of a choice from three possibilities. 
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H = — K Ž p: log Pi 


where K isa positive constant 


_ in wre a a Oe ee i O 


This theorem, and the assumptions required for its proof, are in 
no way necessary for the present theory. It is given chiefly to 
lend a certain plausibility to some of r later definitions The 
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implications. 
Quantities,of the form H =— £ p; log p; (the constant K 
merely amounts to a choice of a unit of measure) play a central 
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ossib! litres with probabilities r and (1— 


as defined in certain formulations of statistical mechanies® where 
1 9 


of a svstem hei ne in cell 7 af ite nhasce space 
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. C. Tolman, Principles of Statistical Mechanics, Ox- 
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H is then, for example, the H in Boltzmann’s famous H theorem. 
We shall call H = — & p; log p; the entropy of the set of proba- 
bilities pı, © © © , Pn. If x is a chance variable we will write H (x) 
for its entropy; thus «x As not an argument of a function but a 


Pat tha nhannn rramrmahtla At 
U LIIT ULLALLULUT Vallavlt 
The entropy in the case of two possibilities with probabilities p 
and q = 1 — p, namely 
id E IVS FP | Yo IVS y7 
is plotted in Fig. 7 as a function of p. 
MLA mriantrate<ys LT haa mn ntwahar nt antannatine nrnnnartina arhiah 
iT Ii% yua ILIL ii LILAS a 1ILULIILTI Ul AAU LOCOS vPiVPL? VICO VWILIIGII 
further substantiate it as a reasonable measure of choice or 
information. 
Li. Li U ij} ALIN Villy Ll Alli ULIU Bi I ULUż ULIU Alt GULIV, LILIS ULIC 
having the value unity. Thus only when we are certain of the out- 


come does H vanish. Otherwise H is positive. 
2. For a given n, H is a maximum and equal to log n when all 


the p; are equal, i.e., L This is also intuitively the most uncertain 
situation. 


3. Suppose there are two events, x and y, in question, with m 
possibilities for the first and n for the second. Let p(2,7) be the 
probability of the joint occurrence of t for the first and J for the 
second. The entropy of the joint event is 


H(z, y) = — È p(i, j) log pli, j) 


while 
H(z) = — X pli ) loe lopli 7) 
aA Sa i IGEN if / O OST ENON) 
TT/ a N\ — _ Sins 4 \ 1...) (4 a \ 
ay) = £ J) 9a Sat PNG J) 
Tı 1l, L 
t is easily shown that 
H (x, y) < H(z) + H (y) 


p(t) p(j)). The unc rtainty of a joint event is less than or ‘equal 
to a am af the individual uneertainties 
LY the pum VL CII LILIIMLIY LAL ULI A LCOALILIVIC 


4. Any change toward equalization of the probabilities Pı, pz, 
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, Pn increases H. Thus if pı < p2 and we increase p,;, decreas- 
ing pz an equal amount so that p, and p: are more nearly equal, 
then H increases. More generally, if we perform any “averaging” 
operation on the p; of the form 


2a 
> 
where 2. 4;; =) a; = 1, and all a;;>0, then H increases (except 
F j 
in the special case where this transformation amounts to no 


S 
more than a permutation of the p; with H of course remaining 


5. Suppose there are two chance events x and y as in 3, not 
necessarily independent. For any particular value 2 that x can 


wv 4 
assume there 1S 9 conditional nrohahility m.a) that 7 aac tha 
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zsa laan 2 ML an tn asasan L 
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Pil J) = 
2 pli j) 


We define the conditional entropy of y, Hz(y) as the average of 
the entropy of y for each value of x, weighted according to the 
probability of getting that particular z. That is 


H.(y) = — 2 pli, j) log pi(3). 


This quantity measures how uncertain we are of y on the average 
when we know zx. Substituting the value of pi (7) we obtain 


fn) = Yah t\ lag nls ALY mls 3) lane ni 3) 
miadi A O Tp) NO? 125 PNW / I Tp NO? OA Nd J/ 
= H(x,y) — H(z) 
or 
TT / `y — TT//_ 5 t YT f¢ `y 
Axr, y) = A(x) T ely) 
T 1e uncertainty far antrony) af tha inint avant m a: ia tha wnreer_ 
AL ALL a ULLUS (ve Viivlivlp y J WL VILI JvV+liiu WwW YuLiv Ay 40 ULI ULL 
tainty of x plus the uncertainty of y when z is known 
6. From 3 and 5 we have 
(£) + Ay) > Hix, y) = (xr) T Aly) 
Hence 
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The uncertainty of y is never increased by knowledge of x. It will 
be decreased unless x and y are independent events, in which case 
it is not changed. 


7. The Entropy of an Information Source 


Consider a discrete source of the finite state t 


e considered 


h S 


above. For each poss sible state 2 there will be a : 


ht i aw WY LY kai = Y Ma Tv 


YTT 


L 
an entropy H; for each state. The entropy of the source will be 
defined as the average of these H; weighted in accordance with 
the probability of occurrence of the states in question: 


H = 2PH; 
= — 2,Pspi(j) log p:(). 


This 1s the entropy of the source per symbol of text. If the 
Markoff process is proceeding at a definite time rate there is also 


an entropy per second. 
= Lf, 


were fi 1s the average frequency (occurrences per second) of 
state 1. Clearly 
H’ = mH 


where m is the average number of symbols produced per second. 
H or H’ measures the amount of information generated by the 
source per symbol or per second. If the logarithmic base is 2, 


U UMACI 42 1S DHP 


uF 


ə 


— X, p; log p; where p; is the probability of symbol 2. Suppose in 
this case we consider a long message of N symbols. It will contain 
with high probability about p,N occurrences of the first symbol, 


p2N occurrences of the second, etc. Hence the probability of this 
pal LICLULAL LlicssdsSv fli VO LUUSIII 
— N N N 
p = pr pi pin 
Ff a Ll 4 ü “ n 
or 
loon = N X m: loge n; 
tva EF + — re *“S [rt 
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log p = — NH 
. log 1/p 
H =~ 


H is thus approximately the logarithm of the reciprocal prob- 
ability of a typical long sequence divided by the number of 
symbols in the sequence. The same result holds for any source. 
Stated more precisely we have (see Appendix 3): 
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Theorem 8: Given any «>0 and > 0, we can find an No 
such that the sequences of any length N > N, fall into two 
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fying the inequality 

log p~! 
108 P — H <6. 
N 
, log p~! 

In other words we are almost certain to have —ar— very close to 


H when N is large. 

A closely related result deals with the number of sequences of 
various probabilities. Consider again the sequences of length N 
and let them be arranged in order of decreasing probability. We 
define n(q) to be the number we must take from this set starting 
with the most probable one in order to accumulate a total prob- 
ability q for those taken. 


Theorem 4: 


Li log Na / __ H 
qua yo T 


when q does not equal 0 or 1. 


Soe ne | £N il a 


We may interpret log n(q) as the number of bits required to 


specify the sequence when we consider only the most probable 


aa nes an ey Il ee AL L? Low. ~, ML log n(q) -Aal o 1 
sequel Ces WIL a tOldl PTrOVADITILY g. inei N Is the numpel 
of bits nar awumhnal far tha ananifinatinn Tha thanram cava that far 
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growth of the logarithm of the number of reasonably probable 
Sequences is given by H, regardless of our interpretation of 
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“reasonably probable.” Due to these results, which are proved in 
Appendix 3, it is possible for most purposes to treat the long 
sequences as though there were just 2" of them, each with a 
probability 2-4. 


The next two theorems show that H and H’ can be determined 
har gman a Eaa YS NAMNANA Fanas nma Asnantle- fram tha atatiatina nf tha MAMAOA APA 
VY limiting operations QGiIrecury Irom we statistics OL tne Message 

1 1 


sequences, without reference to the states and transition prob- 
abilities between states. 
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7 Y 
symbols from the source. Let 
1 
Gv = — AT (B;) log p(B;) 
IN 
where the sum is over all sequences B; containing N symbols. 
£L FLCL UN tS U MbUMULoMte ACUICwbst ty ju ECCtCU Tt UJ ¿LY ULU 
Lim Gy = H 
N> 


Theorem 6: Let p(B;, S;) be the probability of sequence B; 
followed by symbol S; and ppg,(S;) = p(Bi, 8;)/p(Bi) be the 
conditional probability of S; after B;. Let- 


Fy = — 2 p(Bi, S;) log pp, (S;) 


where the sum is over all blocks B; of N — 1 symbols and over all 
symbols S;. Then Fy 1s a monotonic decreasing function of N, 


Fy = NGy —_ (N — 1) Gyn_1, 


N 
Gy = yr aa Fy, 


Fy < < Gy, 


These results are derived in Appendix 3. They show that a 
series of approximations to H can be obtained by considering 


only the statistical structure of the sequences extending over 1 2, 
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the entropy of the N*" order approximation to the source of the 


type discussed above. If there are no statistical influences extend- 
ing over more than N symbols, that is if the conditional prob- 
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ability of the next symbol knowing the preceding (N — 1) is 
not changed by a knowledge of any before that, then Py = H. 
Fy of course is the conditional entropy of the next symbol when 


nes are known, while Gy 1s the entropy 
T 


3 1 _ 


mum compression possible when we encode into the same alpha- 
bet. One minus the relative entropy is the redundancy. The 
redundancy of ordinary English, not considering statistical struc- 


7 


tiura anwor oroatar dis nees tha ahait moht lattara ia ranchi 
VUIT UVUL s+ Vatul LAUVO LIIGA hi OIJ IM U CIKHU IUUUCLI D, ILo LUU ILIIIL 
50%. This means that when we write English half of what we 


write is determined by the structure of the language and half is 
chosen freely. The figure 50% was found by several independent 
methods which all gave results in this neighborhood. One is by 
calculation of the entropy of the approximations to English. A 
second method is to delete a certain fraction of the letters from a 
sample of English text and then let someone attempt to restore 
them. If they can be restored when 50% are deleted the redun- 
dancy must be greater than 50%. A third method depends on 
certain known results in cryptography. 

Two extremes of redundancy in English prose are represented 
by Basic English and by James Joyce’s book Finnegans Wake. 
The Basic English vocabulary is limited to 850 words and the 
redundancy is very high. This is reflected in the expansion that 
occurs when a passage is translated into Basic English. Joyce 
on the other hand enlarges the vocabulary and 1s alleged to 
achieve a compression of semantic content. 


The redundancy of a language is related to the existence of 
TIF A nnrnlaag Tf tha randiuinga nN tr h Ea] nAorA arny ANMMTIOANV Aa aft 
uu Pusa Al CLIT £A2UUUWLIM pa) HULU CALL VU UL IVE UL 
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letters is a reasonable text in the language and any two-dimen- 
sional array of letters forms a crossword puzzle. If the redun- 
dancy is too high the language i imposes too many constraints for 


1 
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is 838%, three-dimensional crossword puzzles should be possible, 
etc. 


8. Representation of the Encoding and Decoding Operations 


We have yet to represent mathematically the operations per- 
formed by the transmitter and receiver in encoding and decoding 


er of these will be called a discrete trans- 
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bols and its output a sequençe of output symbols. The transducer 
may have an internal memory so that its output depends not 
only on the present input symbol but also on the past history. 


A 


We acaclima that the 1 mM ernal memory 1a nite ia there ayvict a 
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output is a function of the present state and the present input 
symbol. The next state will be a second function of these two 
quantities. Thus a transducer can be described by two functions: 


n — f (£n, On) 
An+1 — g (Xn, On) 
where: 


Ly 18 the n™ input symbol. 


a, 1s the state of the transducer when the nt? input symbol is 
introduced, 


Yn is the output symbol (or sequence of output symbols) pro- 
duced when x, is introduced if the state is ap. 


ALARSA) 


tha Innit Tr kK ' anaf a annm A 
L IJ 


ne input Sym 


= 
) 
i 
) 
) 
) 

-g 
) 
$ 
5 
$ 


and the result is also a transducer. If there exists a second 
transducer which operates on the output of the first and recovers 
the original input, the first transducer will be called non-singular 


a 


? 
he second will be called its inverse 
w UWIAA AUI ë ALA YV WVL e 


Theorem 7: The output of a finite state transducer driven by a 
finite state statistical source 1s a finite state statistical source, 
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quence of symbols x;; and let B be the state of the transducer, 
which produces, in its output, blocks of symbols y;. The combined 
system can be represented by the “product state space” of pairs 
(a, B). Two points in the space (a1, Bı) and (a2, B2), are con- 


$ 


2 


line is labeled with the block of y, symbols produced by the 
transducer. The entropy of the output can be calculated as the 
weighted sum over the states. If we sum first on 8 each resulting 


term 1a less than ar equa! ta the anrreaenonndinge term for PF 

W &A AAD AD A h VLILI LALL AJL Yew wus Vas Wwe tw pew eaves ng WN 2 BSS AWA uty 4a 
41.0, man € annn ax no San OHA em dl Pas P SA m om an in m e m ~2 am n elaw 
LILE ClLLOpPy is ll ot increased. If toe transSaucer 1s 1Olimslieulal 
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its output be connected to the inverse transducer. If 

and H} are the output entropies of the source, the first and 
second transducers respectively, then Hi > H; > H; = H; and 
therefore Hi = H3. 

Suppose we have a system of constraints on possible sequences 
of the type which can be represented by a linear graph as in 
Fig. 2. If probabilities pi, were assigned to the various lines 
connecting state 2 to state 7 this would become a source. There is 
one particular assignment which maximizes the resulting entropy 


(see Appendix 4). 


Theorem 8: Let the system of constraints considered as a chan- 
nel have a capacity C = log W. If we assign 


8 B ] 
Pi = _ Be 


where li) is the duration of the s‘* symbol leading from state i to 
state j and the B; satisfy 


b (a) 
B; = È By;Ws 
8,] 


Woi 


then H is maximized and equal to C. 

By proper assignment of the transition probabilities the 
entropy of symbols on a channel can be maximized at the 
channel capacity. 
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erating information by proving that H determines the channel 
capacity required with most efficient coding. 


Theorem 9: Let a source have entropy H (bits per symbol) 
ana n ahanmnoal hano nanmam ta: 1 (hita mor opnan) Mhon at nO 
QUith@h U Clenlrtee’ MUU UL LU PUCee vv (Otto pe! SOUUTLU }J ££ ILCIL tt td 
possible to encode the output of the source in such a way as to 
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channel where «e is arbitrarily small. It is not possible to transmit 


C 
at an average rate greater than —. 
H 


The converse part of the theorem, that 


zla 


may be proved by noting that the entropy of the channel input 
per second is equal to that of the source, since the transmitter 


must be non- singular, and also this entropy 


must b gular, and als is entro] 
channel capacity. Hence H’ < C and the number of symbols per 
second = H’/H < C/H. 

The first part of the theorem will be proved in two different 
ways. The first method is to consider the set of all sequences of 
N symbols produced by the source. For N large we can divide 
these into two groups, one containing less than 2‘7+*”" members 
and the second containing less than 2%” members (where R is the 
logarithm of the number of different symbols) and having a total 
probability less than u. As N increases y and u approach zero. 
The number of signals of duration T in the channel is greater 
than 2°? with 0 small when T is large. If we choose 
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cannot exceed the 
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) and also some additional ones. 


‘he high pr obability group is coded in an arbitrary one-to-one 
way into this set. The remaining sequences are represented by 
larger sequences, 
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acts as a start and stop signal for a different code. In between a 


sufficient time 1s allowed to give enough different sequences for 
al the low probability messages. This will require 
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where y is small. The mean rate of transmission in message sym- 
bols per second will then be greater than 
DP e\ T 1 e Tı q P e\ ( H 1 . \ 1 & ( R , Ņ\I7! 
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U 
the theorem can be described as follows: Arrange the mes- 
sages of length N in order of decreasing probability and suppose 


s—l 


their probabilities are pı > po > ps: °° È Da. Let P, = 2p; 


that is P, is the cumulative probability up to, but not including, 
p;. We first encode into a binary system. The binary code for 
message s is obtained by expanding P, as a binary number. The 
expansion is carried out to m, places, where m, is the integer 
satisfying: 








logs <m, < 1+ loge 


8 


Thus the messages of high probability are represented by short 
codes and those of low probability by long codes. From these 
inequalities we have 
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more of its m, places, since all the remaining P; are at least 


larger and their binary expansions therefore differ in the first 
m, places. Consequently all the codes are different and it is 


possible to recover the message from its code. If the channel 
aANnWANAAG ara nat alroady aani4annnog nf hinary otta thaorw nan 
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De ascribed binary numpers in an arbitrary fashion and tne 
binary code thus translated into signals suitable for the channel. 

The average number H, of binary digits used per symbol of 
original message is easily estimated. We have 
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1 
H, = 7, SMPs. 
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But, 
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Gy < Hı < Gy +>. 
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As N increases Gy approaches H, the entropy of the source and 
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symbols is used, need not be greater than 


entropy Gy calculated for sequences of length N. The per cent 
excess time needed over the ideal is therefore less than 


Gn 1 
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This method of encoding is substantially the same as one 
found independently by R. M. Fano.® His method is to arrange 
the messages of length N in order of decreasing probability. 
Divide this series into two groups of as nearly equal probability 
as possible. If the message is in the first group its first binary 
digit will be 0, otherwise 1. The groups are similarly divided 
into subsets of nearly equal probability and the particular sub- 
set determines the second inary digit. This process is continued 


mnt; nanh anhant anntaina Tay Fa a Tr MOI CYL T+ VA nanasi? CANNY 
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that apart from minor differences (generally in the last digit) 


this amounts to the same thing as the arithmetic process described 
above. 
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the generator as seen from the load has the load resistance. The 

situation here is roughly analogous. The transducer which does 

the encoding should match the source to the channel in a statis- 

tical sense. The source as seen from the channel through the 
t 


transducer should have the same statistical structure as the 

AnMaYNANn urhinh aA A UIA PAn the P wen ¢tha nhannal ML a anandan d 
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ce rr 


of Theorem 9 is that, although an exact match is not in general 
possible, we can approximate it as closely as desired. The ratio 
of the actual rate of transmission to the capacity C may be called 


the efficiency of the eadinga system Thie ic af enuree eanal ta the 
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mum possible entropy. 
In general, ideal or nearly ideal encoding requires a long delay 


in the transmitter and receiver. In the noiseless case which we 
in fun an af thio ol 
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reasonably good matching of r obabilities to corresponding 
lengths of sequences. With a good code the logarithm of the 
reciprocal probability of a long message must be proportional to 
the duration of the corresponding signal, in fact 


log p C 
T 

must be small for all but a small fraction of the long messages. 
If a source can produce only one particular message its entropy 
is zero, and no channel is required. For example, a computing 
machine set up to calculate the successive digits of m produces 
a definite sequence with no chance element. No channel is required 
to “transmit” this to another point. One could construct a second 
machine to compute the same sequence at the point. However, 
this may be impractical. In such a case we can choose to ig 
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statistical knowledge of English i in constructing a code, but not 
all afit Tn anah a naga wa annaidar tha annran anth tha mavimiim 
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entropy subject to the statistical conditions we wish to retain. 


The entropy of this source determines the channel capacity 
which is necessary and sufficient. In the z example the only infor- 
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mation retained is that all the digits are chosen from the set 
0,1,--- ,9. In the case of English one might wish to use the 
statistical saving possible due to letter frequencies, but nothing 
else. The maximum entropy source is then the first approximation 
to English and its entropy determines the req uired channel 
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capacity. 

As a simple example of some of these results consider a source 
which produces a sequence of letters chosen from among A, B, C, 
D with probabilities 4, 4, 4, 4, successive symbols being chosen 
independently. We have 


H = — (3 log 3 + 3 log 4 + 2 log 3) 
t 


= 1 bits per symbol. 
4 rY J 
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Thus we can approximate a coding system to encode messages 
from this source into pinary digits with an average of į binary 
digit per symbol. In this case we can actually achieve the limiting 
value by the following code (obtained by the method of the 


second proof of Theorem 9): 


A 0 
B 10 
C 110 
D 111 


The average number of binary digits used in encoding a sequence 
of N symbols will be 


N(3AXKX1+4¢K24+2X3)= 
It is easily seen that the binary digits 0, 1 have probabilities 
4, 4 so the H for the coded sequences is one bit per symbol. 
Since, on the average, we have ł binary symbols per original 
letter, the entropies on a time basis are the same. The maxi- 











mum possible entropy for the original set is log 4=2, occurring 
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entropy is ¢. We can translate the binary sequences into the 
original set of symbols on a two-to-one basis by the following 
table: 


00 A’ 
01 B’ 
10 C” 
11 D’ 
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This double process then encodes the original message into the 
same symbols but with an average compression ratio ? 
As a second example consider a source which produces a se- 


quence of A’s and B’s with probability p for A and q for B. 
If p< < qwe have 


-a uy 


H = — log p” (1 — p)? 
= — p log p(1 — n)"-2)/P 
r om fF \ i} 
. e 
= p log =. 
r 
In such a case one can construct a fairly good coding of the 
message on a 0, 1 channel by sending a special sequence, say 
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the number of B’s following it. This could be indicated by the 
binary representation with all numbers containing the special 
sequence deleted. All numbers up to 16 are represented as usual; 
16 is represented by the next binary number after 16 which does 
not contain four zeros, namely 17 = 10001, etc. 

It can be shown that as p— 0 the coding approaches ideal 
provided the length of the special sequence is properly adjusted. 





11. Representation of a Noisy Discrete Channel 


We now consider the case where the signal is perturbed by noise 
during transmission or at one or the other of the terminals. This 
means that the received signal is not necessarily the same as that 
sent out by the transmitter. Two cases may be distinguished. If 
a particular transmitted signal always produces the same re- 
ceived signal, i.e., the received signal is a definite function of 
the transmitted signal, then the effect may be called distortion. 
If this function has an mverse—no two transmitted signals 
producing the same received signal — distortion may be cor- 
rected, at least in principle, by merely performing the inverse 
functional operation on the received signal. 

The case of interest here is that 1 in which the signal does not 
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mitted signal S and a second variable, the noise N. 
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The noise is considered to be a chance variable just as the mes- 
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stochastic process. The most general type of noisy discrete chan- 
nel we shall consider is a generalization of the finite state noise- 


free channel described previously. We assume a finite number of 
states and a set of probabilities 


Pat W Oe WS Pe Pt ee aF wF dh J oana 


66 The Mathematical Theory of Communication 


Da,i (B,J). 
This is the probability, if the channel is in state a and symbol i 


‘tp i oe a a rrF? ~ m m 2 


ted, that symbol j will be received and the channel 
left in state 8. Thus a and £ range over the possible states, 7 over 
the possible transmitted signals and 7 over the possible received 


signals. In the case where successive symbols are independently 


perturbed by the noise there is only one state, and the channel is 

nann sand Wer tha ant nfl tnancitinn mrnhkhakhili¢tian m fA 4, wmnh 
aescripea by tne set oi transition probabilities p;(j), the prob- 
ability of transmitted symbol 7 being received as 7. 


If a noisy channel is fed by a source there are two statistical 
processes at work: the source and the noise. Thus there are a 
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will be equal if the transmitter is non-singular). The entropy of 
the output of the channel, i.e., the received signal, will be denoted 
by H (y). In the noiseless case H(y) = H (xz). The joint entropy 
of input and output will be H (z,y). Finally there are two condi- 
tional entropies H,(y) and H,(xz), the entropy of the output 
when the input is known and conversely. Among these quantities 
we have the relations 


H (x,y) = A(x) + H:(y) = Aly) + H,(z). 


All of these entropies can be measured on a per-second or a per- 
symbol basis. 


12. Equivocation and Channel Capacity 
not in general possible to reconstruct 
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of transmitting the information which are optimal in 
noise. This is the problem which we now consider. 
Suppose there are two possible symbols 0 and 1, and we are 
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transmitting at a rato af TNNN awmhbhoale ner cannnd with nrohahili_ 
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Llan lO lL Mhan naain tA y neanyatiann nt tha 
ties Po = pı = 4. Thus our source is producing information at the 


rate of 1000 bits per second. During transmission the noise intro- 
duces errors so that, on the average, 1 in 100 is received incor- 
rectly (a 0 as 1, or 1 as 0). What is the rate of transmission of 
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information? Certainly less than 1000 bits per second since about 
1% of the received symbols are incorrect. Our first impulse might 
be to say the rate is 990 bits per second, merely subtracting the 
expected number of errors. This is not satisfactory since it fails 


to take into account the recipient’s lack of Knowledge of where 
tha ANNAA awaa) m 1 Tan KAN OUST man NNF s+ +a own ex rt nnn reawnuar a’ ON fon i io i a oe a oe 
une errors Occur. wye May Carry it to an extreme case ana suppose 
1 D 


the noise so great that the received sym ols are entirely inde- 
pendent of the transmitted symbols. The astobability of receiving 
l is 4 whatever was transmitted and similarly for 0. Then about 


} 1e received symbols are correct due to chance alone, and 
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we would be giving the system credit for transmitti ng JUU ILS 
1 


per second while actually no information is being transmitted at 
all. Equally “good” transmission would be obtained by dispensing 
with the channel entirely and flipping a coin at the receiving 
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Evidently the proper correction to apply to the amount of in- 
formation transmitted is the amount of this information which is 
missing in the received signal, or alternatively the uncertainty 
when we have received a signal of what was actually sent. From 
our previous discussion of entropy as a measure of uncertainty it 
seems reasonable to use the conditional entropy of the message, 
knowing the received signal, as a measure of this missing infor- 
mation. This is indeed the proper definition, as we shall see later. 
Following this idea the rate of actual transmission, R, would be 
obtained by subtracting from the rate of production (1.e., the 
entropy of the source) the average rate of conditional entropy. 


R = H(z) — H, (x) 


The conditional entropy H,(x) will, for convenience, be called 
the equivocation. It measures the average ambiguity of the re- 


In the example considered above, if a 0 is received the a poste- 
morl probability that a 0 was transmitted is .99, and that a 1 was 
transmitted is .01. These figures are reversed if a 1 is received. 
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= .081 bits/symbol 
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or 81 bits per second. We may say that the system is transmitting 
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au a rate 1000 — 81 = 919 bits per second. In the extreme case 
where a 0 1s equally likely to be received as a 0 or 1 and similarly 
for 1, the a posteriori probabilities are 4, 4 and 
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or 1000 bits per second. The rate of transmission is then 0 as it 
should be. 


The following theorem gives a direct intuitive interpretation of 
tha amonnan tinn and alan carvoac tan ratify it aa tha wuninio annra_ 
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priate measure. We consider a communication system and an 
observer (or auxiliary device) who can see both what is sent and 
what is recovered (with errors due to noise). This observer notes 
the errors in the recovered message and transmits data to the 
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situation is indicated d schematically in 
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to correct the errors. Th 
Fig. 8. 


CORRECTION DATA 


OBSERVER 


SOURCE TRANSMITTER RECEIVER CORRECTING 
DEVICE 


Theorem 10: If the correction channel has a capacity equal to 
H, (x) it is possible to so encode the correction data as to send it 
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c of the errors. This is not possible if the channel capacity 1s less 
than H (x) 
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that must be supplied per second at the receiving point to correct 
the received message. 
To prove the first part, consider long sequences of received 


message M’ and corresponding original message M. There will be 
logarıthmically TH, (x) of the M’s which could 
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H,(z,2) > H,(z). 
The left-hand side can be expanded to give 
H, (2) + Hye(x) > H, (2) 


Hy: (x) > H,(x) — A,(z) > A,(x) — H(z). 


If we identify x as the output of the source, y as the received 
signal and z as the signal sent over the correction channel, then 
the right-hand side is the equivocation less the rate of transmis- 
sion over the correction channel. If the capacity of this channel 
is less than the equivocation the right-hand side will be greater 
than zero and H,,(x) > 0. But this is the uncertainty of what 
was sent, knowing both the received signal and the correction 
signal. If this is greater than zero the frequency of errors cannot 
be arbitrarily small. 


Example: 


Suppose the errors occur at random in a sequence of binary digits: 
probability p that a digit is wrong and q = 1— p that it is right. 
These errors can be corrected if their position is known. Thus the 
correction channel need only send information as to these positions. 
This amounts to transmitting from a source which produces binary 
digits with probability p for 1 (incorrect) and q for O (correct). This 
requires a channel of capacity 


which is the equivocation of the ae original system. 
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R= H (xz) — H, (zx) 
H (y) — H,(y) 
— TWt(nwn\ tt Ua,\ — Ulm aad 
— ££ 44) I LH Yd Li\t, Yj. 
The first defining expression has already been interpreted as the 
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The second measures the amount received less the part of this 
which is due to noise. The third is the sum of the two amounts 
less the joint entropy and therefore in a sense is the number of 


er second common to the two. Thus all three expression 


sionificeancrea 
gnincance. 
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The capacity C of a noisy channel should be the maximum pos- 
sible rate of transmission, | i.e., the rate when the source is properly 
matched to the channel. We therefore define the channel ca- 


narcity hy 
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S, 


C = Max (H (x) — H,(x)) 


where the maximum is with respect to all possible information 
sources used as input to the channel. If the channel is noiseless, 
H,(x) = 0. The definition is then equivalent to that already 
given for a noiseless channel since the maximum entropy for the 
channel is its capacity by Theorem 8. 


13. The Fundamental Theorem for a Discrete Channel 
with Noise 


It may seem surprising that we should define a definite ca- 
pacity C for a noisy channel since we can never send certain 
information in such a case. It is clear, however, that by sending 
the information in a redundant form the probability of errors can 


be reduced. For example, by repeating the message many times 
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message the probability of errors could be made very small. One 

would expect, however, that to make this probability of errors 

approach zero, the redundancy of the encoding must increase 
O 


it were, tnere woul 
well defined capacity, but only a capacity for a given frequency 
of errors, or a given equivocation; the capacity going down as the 
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error requirements are made more stringent. Actually the ca- 
pacity C defined above has a very definite significance. It is pos- 
sible to send information at the rate C through the channel with 


as small a frequency of errors or equivocation as desired by 
proper encoding. This statement is not true for any rate greater 
| I ame hd Wh aw ah ww Wa tu J yu 2 ww UU UWE 
than f! Tf an attamnt ia made tA tyunnam: ata hiehar rata than 
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say C + R,, then there will necessarily be an equivocation equal 


to or greater than the excess R,. Nature takes payment by re- 
quiring just that much uncertainty, so that we are not actually 


getting any more than C thro 
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the channel is plotted horizontally and the equivocation verti- 
cally. Any point above the heavy line in the shaded region can 


be attained and those below cannot. The points on the line cannot 
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line that can. 
These results are the main justification for the definition of C 
and will now be proved. 


Theorem 11: Let a discrete channel have the capacity C and 
a discrete source the entropy per second H. If H < C there exists 
a coding system such that the output of the source can be trans- 
mitted over the channel with an arbitrarily small frequency of 
errors (or an arbitrarily small equivocation). If H > C it is pos- 
sible to encode the source so that the equivocation is less than 
H — C + e where e is arbitrarily small. There is no method of 
encoding which gives an equivocation less than H — C. 


The method of proving the first part of this theorem is not by 
exhibiting a coding method having the desired properties, but by 
showing that such a code must exist in a certain group of codes. 
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Fig. 9. — The equivocation possible for a given input entropy to a channel. 
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In fact we will average the frequency of errors over this group 
and show that this average can be made less than e. If the average 
of a set of numbers is less than e there must exist at least one in 
the set which is less than e. This will establish the desired result. 


The capacity C of a noisv channel has been defined as 


The cap a noisy channel has been defined a 
C = Max (H (x) — H,(zx)) 


where x is the input and y the output. The maximization is over 
all sources which might be used as input to the channel. 
Let So be a source which achieves the maximum capacity C. 


If this maximum is not actually achieved by any source (but 
nales annwnanhad aa a lamit) lat A ha wn ananena wrhinh annwnweimatac 
U y appro acnéea as ail IIL) 1 iJo VE aA SUUICE HUICI aAppIUALHLHa LCS 
to viving th maximum rate. Suppose So is used as input to the 


channel. We consider the possible transmitted and received se- 
quences of a long duration T. The following will be true: 


1. The transmitted sequences fall into two classes, a high prob- 
ability group with about 277“) members and the remaining se- 
quences of small total probability. 


2. Similarly the received sequences have a high probability set 
of about 27“ members and a low probability set of remaining 
sequences. 


3. Each high probability output could be produced by about 
2THs(7) inputs. The total probability of all other cases is small. 

4. Each high probability input could result in about 27% 
outputs. The total probability of all other results is small. 


All the e’s and 8’s implied by the words “small” and “about” in 
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to approach the maximizing source. 


The situation is summarized in Fig. 10 where the input se- 
quences are points on the left and output sequences points on the 
ight. The upper fan of cross lines represents the range of possible 
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possible results from a typical input. In both cases the “small 


probability” sets are ignored. 
Now suppose we have another source S, producing information 


at rate R with R < C. In the period T this s source will have 27* 
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Fig. 10. — Schematic representation of the relations between inputs and outputs 
in a channel. 


selection of the possible channel inputs in such a way as to get a 
small frequency of errors. We will set up this association in all 
possible ways (using, however, only tħe high probability group of 
inputs as determined by the source So) and average the frequency 
of errors for this large class of possible coding systems. This is the 
same as calculating the frequency of errors for a random associa- 
tion of the messages and channel inputs of duration T. Suppose a 
particular output yı 1s observed. What is the probability of more 
than one message from S, in the 
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Now R < H(z) — H,(x) so R — A(x) = — H,(x) — „n with y 
positive. Consequently 
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we could merely send C bits per second from the source, com- 
pletely neglecting the remainder of the information generated. At 
the receiver the neglected part gives an equivocation H (z) — C 


and the part transmitted need on 
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t 
the continuous case. 
The last statement of the theorem is a simple consequence of 
our definition of C. Suppose we can encode a source with H (xz) = 
C + ain such a way as to obtain an equivocation H,(z) =a —e 
with e positive. Then 


H(z) — H,(z) =C +e 


with e positive. This contradicts the definition of C as the maxi- 
mum of H(z) — H,(2z). 

Actually more has been proved than was stated in the theorem. 
If the average of a set of positive numbers is within e of zero, a 


fraction of at most Ve can have values greater than Ve. Since 
€ 18 arbitrarily small we can say that almost all the systems are 


14. Discussion 
The demonstration of Theorem 11, while not a pure existence 
“roof, has some of the deficiencies of such proofs. An attempt to 


obtain a good approximation to ideal coding by following the 


method of the proof is generally impractical. In fact, apart from 
some rather trivial Cases and certain 1 limiting ituations, n 
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difficulty of giving an explicit construction for a good approxima- 
tion to a random sequence. 

An approximation to the ideal would have the property that | 
the signal is altered 1 the no! rigin 
can still be recovered. In other words t 


W 
general bring it closer to another reasonable signal than the orig- 
inal. This is accomplished at the cost of a certain amount of 


À O Q 
F 
þa 
þ 
€ 
h 
e 
e 
h 


in the proper way to “combat he particular noise structure in- 
volved. However, any redundancy in the source will usually help 
if it is utilized at the receiving point. In particular, 1f the source 
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combat noise. For example, in a noiseless telegraph channel one 
could save about 50% in time by proper encoding of the mes- 
sages. This is not done and most of the redundancy of English 
remains in the channel symbols. This has the advantage, how- 
ever, of allowing considerable noise in the channel. A sizable 
fraction of the letters can be received incorrectly and still recon- 
structed by the context. In fact this is probably not a bad approx- 
imation to the ideal in many cases, since the statistical structure 
of English is rather involved and the reasonable English se- 
quences are not too far (in the sense required for theorem) from 
a random selection. 

As in the noiseless case a delay is generally required to ap- 
proach the ideal encoding. It now has the additional function of 
allowing a large sample of noise to affect the signal before any 
judgment is made at the receiving point as to the original mes- 
sage. Increasing the sample size always sharpens the possible 
statistical assertions. 


The content of Theorem 11 and its proof can be formulated in 
mn camoaurhat niffanant ITH tr wrhiah avhihita tha annnantann wrth tha 
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noiseless case more clearly. Consider the possible signals of dura- 
tion T and suppose a subset of them is selected to be used. Let 


those in the subset all be used with equal probability, and suppose 
the receiver is constructed to select, 
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received. We define N (T, q) to be the maximum number of sig- 
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nals we can choose for the subset such that the probability of an 
incorrect interpretation is less than or equal to q. 


log N(T, q) yg Yeap gy l 
Theorem 12: Lim —-—,,—-——._ = C, where C is the channel ca- 
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pacity, provided that q does not equal 0 or 1 


In other words, no matter how we set our limits of reliability, 
we can distinguish reliably in time T enough messages to corre- 
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can be compared with the definition of the capacity o 
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channel given in section 


15. Example of a Discrete Channel and Its Capacity 


A simple example of a discrete channel is indicated in Fig. 11. 
There are three possible symbols. The first is never affected by 
noise. The second and third each have probability p of coming 
through undisturbed, and q of being changed into the other of the 


Qa 6 
p 
TRANSMITTED 7 RECEIVED 
SYMBOLS SYMBOLS 
q 
p 
Fig. 11. — Example of a discrete channel. 
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U = —P log P — 2Q log Q — 2Qa + A(P + 2Q) 














ðU 
ap = —1-—log P+2A=0 
so 7 — 2 — 2 log Q — 2a + 2d = 0. 
TOi anian dee YY 
milminating A 
log P = log Q + a 
P = Qe” = QB 
B l 
P = ] O Q -= Qa 1 9° 
B+ a2 pT 4 
The channel capacity is then 
= log p +2 
( co: 


Note how this checks the obvious values in the cases p = 1 and 
p = 3. In the first, 8 = 1 and C = log 3, which is correct since 
the channel is then noiseless with three possible symbols. If p = 
1 B =?2 and C = log 2. Here the second and third symbols can- 
not be distinguished at all and act together like one symbol. The 
first symbol is used with probability P = 4 and the second and 
third together with probability 4. This may be distributed be- 
tween them in any desired way and still achieve the maximum 
capacity. 

For intermediate values of p the channel capacity will lie be- 
tween log 2 and log 3. The distinction between the second and 
third symbols conveys some information but not as much as in 
the noiseless case. The first symbol is used somewhat more fre- 


quently than the other two because of its freedom from nojise. 
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can be described by a set of transition probabilities p;;. This 1s 
the probability, if symbol z is sent, that 7 will be received. The 
channel capacity is then given by the maximum of 


— 2P iDij log 2 P iPi; + 2P ipi; log pi; 
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where we vary the P; subject to SP; = 1. This leads by the 
method of Lagrange to the equations, 
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Multiplying by P, and summing on s shows that w= —C. Let 


iL Éd w a ; 


m tan we ; eo Ta E 7 tf a NL RO O T ‘ar — $ my. 
the inverse Of Pps; (i 1t exists) be Ng SO that Zu Nps; = ôg. Lhen: 
8 


Hence: 
S* Din. = avn ‘van ay m. lasen] 
hmd £ iP it CAP O Lm ilsi T L ilsi Psi 108 Psi] 
t 8 8,] 
or, 
D Oo Na naran [as 2 1 Vu ~~ lamn a | 
Fi = Lalit EXP [C La hst T La hapsi 108 Psi) 
8 8,2 


This is the system of equations for determining the maximizing 
values of P;, with C to be determined so that 5P; = 1. When this 
is done C will be the channel capacity, and the P; the proper 
probabilities for the channel symbols to achieve this capacity. 

If each input symbol has the same set of probabilities on the 
limes emerging from it, and the same is true of each output sym- 
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Fig. 12. — Examples of discrete channels with the same transition probabilities 
for each input and for each output. 


bol, the capacity can be easily calculated. Examples are shown in 
Fig. 12. In such a case H,(y) is independent of the distribution of 
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probabilities on the input symbols, and is given by — X p; log pi 
where the p; are the values of the transition probabilities from 
any input symbol. The channel capacity is 
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= Max H(y) + & p: log pi. 


The maximum of H (y) is clearly log m where m is the number of 
output symbols, since it is possible to make them all equally 


probable by making the input symbols equally probable. The 
C annal rpananity ia therafare 
NaNNne: Capacity 15 wlererore 


C 
In Fig. 12a it would be 
C 


This could be achieved by using only the 1st and 3d symbols. In 
Fig. 12b 


C = log 4 — = log 3 — = log 6 
= log 4 — log 3 — = log 2 
= log = 2Ż. 
In Fig. 12c we have 
C = log 3 — = log 2 — = log 3 — = log 6 


several groups such that the noise 
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be C, (in 
bits per second) when we use only the symbols in this group. 
Then it is easily shown that, for best use of the entire set, the 
total probability P, of all symbols in the nth group should be 
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P, = Ar 
2°. 


Wi thin a oeniin the Aigat IJ hea 
Witnin a group tn ility is distributed just as it would be 


€ pro 
if these were the only symbols being used. The channel capacity is 


C = lo g 22s, 
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17. An Example of Efficient Coding 


The following example, although somewhat artificial, is a case in 
which exact matching to a noisy channel is possible. There are 
two channel symbols, 0 and 1, and the noise affects them in blocks 
of seven symbols. A block of seven 1s elther transmitted without 


e symbol of the seven is incorrect. These eight 


= 5 bits/symbol. 


An efficient code, alowmg comp ete correction of errors and 
transmitting at the rate C, is the following (found by a method 
due to R. Hamming): 

Let a block of seven symbols be X4, X2, © °° , X;. Of these 
X3, Xs, Xe and X, are message symbols and chosen arbitrarily 
by the source. The other three are redundant and calculated as 


follows: 
X, is chosen to make a = X, + X; + X; + X, even 
X, tí éé éé tí B — X> + X3 + Xe + X: (i 
Xi tí {i él cí y — Xi + X, + Xs + Xz (í 


When a block of seven is received a, 8 and y are calculated and 
if even called zero, if odd called one. The binary number a B y 
then gives the subscript of the X; that is incorrect (if O there 
was no error) .?° 


For some further examples of self-correcting codes see M. J. E. Golay, 
“Notes on Digital Coding,” Proceedings of the Institute of Radio Engineers, 
v. 37, No. 6, June, 1949, p. 637. 


We now consider the case where the signals or the messages or 
both are continuously variable, in contrast with the discrete 
nature assumed heretofore. To a considerable extent the con- 
tinuous case can be obtained through a limiting process from the 
discrete case by dividing the continuum of messages and signals 
into a large but finite number of small regions and calculating 
the various parameters involved on a discrete basis. As the size 
of the regions is decreased these parameters in general approach 
as limits the proper values for the continuous case. There are, 
however, a few new effects that appear and also a general change 
of emphasis in the direction of specialization of the general results 
to particular cases. 

We will not attempt, in the continuous case, to obtain our 
results with the greatest generality, or with the extreme rigor of 


NWO ra hamating anna + ig unang inyvalrva A mraoat daal nf ah- 
Putu LLIW ULICI ULU, WALI VILIO FFU 1LILYVUIYVY Ga Si vay WAV AL Vi AK 
when nt moanneinn th anaes and eann l A nha anaynn thn main thence nf tha 
DU ACL MCasure LICOLY anada Would ONSCUle LNC alll LTCAG OL UIC 
analysis. A preliminary study, however, indicates that the theory 


can be formulated in a completely axiomatic and rigorous manner 
which includes both the continuous and discrete cases and many 


others. The occasional liberties taken with limiting processes in 
tha nrocoant analyvara nan ho anatiG@adnd in all nacaa nf nrantinal 
VLIW y+ LTwNwullyu llc y (OF Te Vail wae J LAD ULILUVA ALL CALIL U UUI UG Wd + AU ViIivlal 
interest. 

18. Sets and Ensembies of Functions 


4 
d 
4 


hall have to deal in the continuous case with sets of func- 
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tions and ensembles of functions. A set of functions, as the name 
implies, 1s merely a class or collection of functions, generally of 
one variable, time. It can be specified by giving an explicit rep- 
resentation of the various functions in the set, or implicitly by 


siving a property which functions in the set possess and others 
mA Yy aiaia a) A) r- “tT~> YJ y7? ALAW ASA & LALAU VALS AALS 444 WA VW rY ae ee ee ee ee ë CULLA AJ WS 
UU IUL. Ovullit PAAIIPICS alt 
1. The set of functions 
Jolt) = (tT 0) 
Tanah nart nanlan cralen nf A Astarinne a nactinulan fuanatian in 
Macn particuiar value oi vo aetermines a particuilal function in 
the set 
2 The set, of ql] functions of time containing no frequencies over 
e 4. wa A eA BL kL aa WA ZaAbhl A ABAAW IJLE VLAUALLLALLLAI Fas) ALL A L wepewtiviwh AY Y WS 


es e~a m ma o a m am 


] q 
FY UYles Pel Seconu. 


3. The set of all functions limited in band to W and in amplitude 
to A. 


4. The set of all English speech signals as functions of time. 


An ensemble of functions is a set of functions together with a 
probability measure whereby we may determine the probability 
of a function in the set having certain properties.’ For example 
with the set, 

folt) = sin (t + 6), 


we may give a probability distribution for 6, say P(@). The set 
then becomes an ensemble. 
Some further examples of ensembles of functions are: 


1. A finite set of functions f,(t) (k = 1, 2,» - - , n) with the 
probability of f, bein 


AWAY EO A ARDY ait emng Pk. 


2. A finite dimensional family of functions 


F 
& 

~~ 

~~ 

3 

‘lt 
oo 
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f 
J 


with a probability distribution 


aa robability 1S & ja į ETP) ; 


For example we could consider the ensemble defined by 


flan >>, dn, bp, Oni t) = 2 an sin n(wt + 0n) 


*In mathematical terminology the functions belong to a measure space 
whose total measure is unity. 
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with the amplitudes a; distributed normally and independ- 
ently, and the phases 6; distributed uniformly (from 0 to 27) 
and independently. 


Qo 


x% — gin r(2Wt — n) 
La, ———— A 


Cf N 
di, t) = 
Jti "or (2Wt — n) 
with the a; normal and independent all with the same standard 
deviation \/ N. This is a representation of “white” noise, band 
| ey Gee ley Se | A Llanion 4, TI evel Re nor annnn Ad anA arth 
IHEILECU L ul Ui IIOLL U LO FY CYUICS Per secona allQ WIUII 


4. Let points be distributed on the ¢ axis according to a Poisson 
distribution. At each selected point the function f(t) 1s placed 
and the dì iffer ent functions , 


CULLINA Vilw VAs 


where the tą are the points of the Poisson distribution. This 
ensemble can be considered as a type of impulse or shot noise 
where all the impulses are identical. 


5. The set of English speech functions with the probability meas- 
ure given by the frequency of occurrence in ordinary use. 


An ensemble of functions f,(t) is stationary if the same en- 
semble results when all functions are shifted any fixed amount 
in time. The ensemble 


falt) = sin (t + @) 


is stationary 1f @ is distributed Uniformly from 0 to 2r. If we 


shift eac funetion hy #. we ohta 
4iiL WwW gli db adi La il YY CI YYU U KRIU n 
folt + ti) = sin (t + t, + 8) 
— am (# -b a) 
WLLL Le | Py) 
2 This representation can be used as a definition of band limited white noise. 
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It has certain advantages in that it involves fewer limiting operations than 
do definitions that have been used in the past. The name “white noise,’ 
already firmly intrenched in the literature, is perhaps somewhat unfortu- 
nate. In optics white light means either any continuous spectrum as con- 
trasted with a point spectrum, or a spectrum which is flat with wavelength 


(which is not the same as a spectrum flat with frequency). 
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with ¢ distributed uniformly from 0 to 2r. Each function has 
changed but the ensemble as a whole is invariant under the trans- 
lation. The other examples given above are also stationary. 


ensemble is ergodic if it is stationary, and there is no 


aa an WA F gvvwwrv a a WV Pa A a BeOS eWeek 4 Wh ht any hh WT 


aan f+ L AY 

sin l T Oy 
1 aragndien Na anheat af thaca frunetinne anf nrnhahility ~~ 1 igo 
AW wi 7 4ev mw TLS WILLA RF UWV U WL VEAL A VELLWY ULSI LI Wah PptVvvyvwnvaisvuy Sf _ Wy ys AR? 
transformed into itself under all time translations. On the other 


hand the ensemble 
asin (t + 6) 


with a distributed normally and 9 uniform is stationary but not 
ergodic. The subset of these fun ns with a between 0 and 1, for 
example, is stationary, and has: a " probability not equal to 0 or 1. 

Of the examples given, 3 and 4 are ergadic, and 5 may perhaps 
be considered so. If an ensemble is ergodic we may say roughly 
that each function in the set is typical of the ensemble. More 
precisely it is known that with an ergodic ensemble an average 
of any statistic over the ensemble is equal (with probability 1) 
to an average over all the time translations of a particular func- 
tion in the set.? Roughly speaking, each function can be expected, 
as time progresses, to go through, with the proper frequency, all 
the convolutions of any of the functions in the set. 

Just as we may perform various operations on numbers or 
functions to obtain new numbers or functions, we can perform 
operations on ensembles to obtain new ensembles. Suppose, for 


example, we have an ensemble of functions f,(t) and an operator 
T which gives for each function falt) a resulting function g,(t): 


YY 2240/44 awe ne waas Ja ww + iit a | on JGavy"ys°* 
Ga(t) = Tfalt). 


* This is the famous ergodic theorem or rather one aspect of this theorem 
which was proved in somewhat different formulations by Birkhoff, von 
Neumann, and Koopman, and subsequently generalized by Wiener, Hopf, 


Tinan Ar A m] A adhb auas MML a litpnnntise Rn na anmam, em et OR ert ore 
Hurewicz ana owners. ine 11teratvure oñ CTE Odc theory Is QUILe ExXLEISIVE 
nany tha nnn Nar 1a nafarren tn + m™ NAA WoO Nv anf tha (F ae Erni tana fan nranian ann 
ALIU LIIT ATAUCL 19 ICICAICU uv Uli prAPUIDSO Wi LIICSC WILILUCISO IUIL Picul Cc ali 
general formulations; e.g., E. Hopf “Ergodentheorie,” Ergebnisse der Math- 
ematic und ihrer Grenzgebiete, v. 5; “On Causality Statistics and Proba- 

? 


bi ity, ’ Journal of Mat hematies | and Phy sics, v , _ XII, No. 1, 1934; N 
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Probability measure is defined for the set ga(t) by means of that 

for the set f,(t). The probability of a certain subset of the ga(t) 

functions is equal to that of the subset of the f,(t) functions 
f n 


which produce members of the given subset of g functions under 
a IN Dheeentnaller thia annvrnenmnnde tn naanin 
the operation 7. Physically this corresponds to passing the 


ensemble through some device, for example, a filter, a rectifier 


or a modulator. The output functions of the device form the 
semble A (t). 


ns iil ya\ 
A device or operator T will be called invariant if shifting the 
input merely shifts the output, 1.e., 1f 


+y — Tf 
t) 4) 


Ja(t a(t). 
implies 

a(t + ti) = Tfalt + t) 
for all f.(t) and all t,. It is easily shown (see Appendix 5) that 
if T is invariant and the input ensemble is stationary then the 
output ensemble is stationary. Likewise if the input is ergodic the 
output will also be ergodic. 

A filter or a rectifier is invariant under all time translations. 
The operation of modulation is not, since the carrier phase gives 
a certain time structure. However, modulation is invariant under 
all translations which are multiples of the period of the carrier. 

Wiener has pointed out the intimate relation between the in- 
variance of physical devices under time translations and Fourier 
theory.* He has shown, in fact, that.if a device is linear as well 
as invariant Fourier analysis is then the appropriate mathe- 
matical tool for dealing with the problem. 


An ensemble of functions 1s the appropriate mathematical 
roanrocantatinn af tha messages vr nadnaad he a anntiniunanie anya. 
LO PLeEscecilualiVil Yl UMIC ICS ag cd piv oaucea Wy a continuous PUULUT 
(for example, speech), of the signals produced by a transmitter, 


and of the perturbing noise. a Communication theory is properly 


t Communication theory is heavily indebted to Wiener for much of its 
basic philosophy and theory. His classic NDRC report, The Interpolation, 


Extrapolation, and Smoothing of Stationary Time Seres (Wiley, 1949), 
contains the first clear-cut formulation of communication theory as a statis- 
tinal nroahlam tha atiaAtey nt nAnaratinna on tima anaringa m ia amArl alt niiah 
Litval PiVUNICiil, CILIT PLUUY Wi Wperaviuily Wil ULALIC OUCLIUDS A L315 WwiKy, Alvis Ups 
chiefly concerned with the linear prediction and filtering problem, is an 
important collateral reference in connection with the present paper. We 
ma y also refer here to Wiener’s Cybernetics (Wiley, 1948), dealing with the 


zeneral problems of communication and control. 
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concerned, as has been emphasized by Wiener, not with opera- 
tions on particular functions, but with operations on ensembles 
of functions. A communication system is designed not for a par- 


ticular speech function and still less for a sine wave, but for the 
ensemble of speech functions 


Aa d wF da “ewww Je AR BSAA WS WY d BRS SC 
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etermined by giving its ordi- 
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_ = sin r(2Wt — n) 
I) = LX, m(2Wt — n) 
where 
n 
Xn =f (a): 


In this expansion f(t) is represented as a sum of orthogonal 
functions. The coefficients X, of the various terms can be con- 
sidered as coordinates in an infinite dimensional “function space.” 
In this space each function corresponds to precisely one point 
and each point to one function. 

A function can be considered to be substantially limited to a 
time T 1f all the ordinates X, outside this interval of time are 
zero. In this case all but 27W of the coordinates will be zero. 


Thus functions limited to a band W and duration T correspond 
4A wnnwmtea 2 AAA nf ONT rien nawnoainANe 
LU pul its in a spa Ce OI 242i W dimensions. 

À subset. of the functions of band W and duration T corre- 


sponds to a region in this space. For example, the functions 


whose total energy is less than or equal to E correspond to 
7 — a / 99W FẸ 


points in a 2TW dimensional sphere with radius r = y 2WE. 
An ensemble of functions of limited duration and band will be 


pi . -n _f 1 ~ | ee n -l f. a d _ a ~.3Y 2. 
ror a pre or oi this theorem and further discussion see the author’s paper 
“Comm TINN tinm aw tha Deunannan Aft NT Avan??? ibli she PA Iyn tha Dunnporsn ron nt 
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represented by a probability distribution p(x, © © © , £n) in the 
corresponding n dimensional space. If the ensemble is not limited 
in time we can consider the 2TW coordinates in a given interval 
T to represent substantially the part of the function in the 


interval T and the nrohahility distrihutinon nír. . ~ \ to 
Dh W WL T Le A e424 WA Jah YW [+ AF AZ eH A Be LS ed wh OARS We BRAY USE VE 1 BAS me NYI? } ~ it] a TT 
eae tha atatiatinal atmes: ntra nf tha nananman h Ta L Aw ntaneola At that 
give the statisticai structure oi the ensemobdie ior intervais oi inat 


duration. 


20. Entropy of a Continuous Distribution 


The entropy of a discrete set of probabilities p3, © - * , Pa has 
been defined as: 


NV" 1 
iT = — Lup; 10g pi. 


In an analogous manner we define the entropy of a continuous 
distribution with the density distribution function p(x) by: 


H = -f p(x) log p(x) dz. 
With an n dimensional distribution p (zı, -.° * , £n) we have 
H = = f- f PE Ea) log p(t, © © , £n) dt, ` ` © dar. 


If we have two arguments x and y (which may themselves be 
multidimensional) the joint and conditional entropies of p(x, y) 
are given by 


H(z, y) = — | | p(z, y) log p(z, y) dx dy 


and 
Hay) = — f [p v) 1og PEL ae ay 
JJ? p(z) 
H, (2) = — f [ple, v) log PEL de dy 
JJ p(y) 
where 


p(x) = [ p(s, y) dy 
p(y) = | p(s, y) dx. 


The entropies of continuous distributions have most (but not 
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all) of the properties of the discrete case. In particular we have 
the fo owing: 


1. 


ara 
fs 


in the volume. 
2. With two variables z, y we have 
H (x,y) < A(x) + H (y) 
areth ansa liter 3f fanA nanle; 3 f)\ anA a: arn indanandrAant a 
WIUCILL CUUALILY dl (Lalla Ulily diy & ALU y ALU 1 LUT VLU LUCILLE, L.Uey 
p(x, y) = p(x) p(yyY (apart possibly from a set of points of 
probability zero) 
9 anadan a mananalirad axanaminae nnanaiinn af tha fallauine 
Yo. VOUOIISIUTCI $ SCHI alisecuU AVUILARIINE UPClatvlVUll Ul vullt LULIOW! 1S 
type 
, — 
p'(y) = | a(z, y) p(x) dz 
with 
falz, y) dz = f a(z, y) dy = 1, a(z, y) > 0. 


Then the entropy of the averaged distribution p’(y) is equal 
to or greater than that of the original distribution p(x). 


4. We have 
H(z, y) = H(x) + H:(y) = H (y) + A, (z) 


and 
H,(y) < H (y). 


-dimensionai distribution. The for rm 
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as constraints. This requires, by the calculus of variations, 
maximizing 


fI- p@) log p(x) + dv(a)2? + up(a)] de. 
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The condition for this is 
—1 — log p(x) + Az? + 2p =0 


and consequently (adjusting the constants to satisfy the con- 
straints) 


p(z) = ———— erl’) 

_ V 2r o 
Ci? To atlas fa pn S PORON EA AnanmendA S S 
OHNIHAaILIY IN N QUNCNslONs, SUPPOSE LNC seCOnad order MOMents 
of p(z, ° , Xn) are fixed at Ai; 


Then the maximum entropy occurs (by a similar calculation) 
TIT on mil» e ° e “vy j io + Nì Aimanainnal (C[aurcaian Aretrmhine 
Vil Ao ,) in) 40 V EC VALLIILL WALAVULLCLI NA CUUDJLICLL Ubu lVvu 

n 


6. The entropy of a one-dimensional Gaussian distribution whose 
standard deviation is ø is given by 


H (x) = log V 2re o. 
This is calculated as follows: 


e7 (7*120°) 


P = r 
— log p(x) = 
H(z) = — | p(z) log p(x) dz 
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and the entropy can be calculated as 
H = log (2re)” | a;; |7 


where | a;i; | is the determinant whose elements are aj; 


Tl am in aanita A th a half linn (ala) — nf or £ a” ON and than annt 
Ll JZ IS LITMIIUCU UO d Hall Lie LP \ J — U IUIL A N VU) ALII LIIG LILSU 
moment of z is fixed at a 
co 
\ p 
=| p(x)x da, 


then the maximum entropy occurs when 


an absolute way the randomness of the chance variable. In the 
continuous case the measurement is relative to the coordinate 
system. If we change coordinates the entropy will in general 
change. In fact if we change to coordinates yı © - * Yn the new 
entropy is given by 


H(y) = f: f pla + En) I(—-) 
log p(xi ` -` 2p) J(=) dy, -© dyn 


where J (5) is the Jacobian of the coordinate transformation. 


On expanding the logarithm and changing variables to zı» - - 
Ln, We obtain: 





rrna oo or” f f, 7. TN, 

HY) = ax) — J f pth, >>, Ln) 10g NS — ) azı dEn. 
J a ~N 7 

Thus the new entropy is the old entropy less the expected log- 

arithm of the Jacobian. In the continuous case the entropy can 

be considered a measure of randomness relative to an assumed 

standard, namely the coordinate system chosen with each 


1 

small volume element dz, - : + dz, given equal weight. When 
we change the coordinate system the entropy in the new sys- 
tem measures the randomness when equal volume elements 
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In spite of this dependence on the coordinate system the 
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entropy concept is as important in the continuous case as the 
discrete case. This is due to the fact that the derived concepts 
of information rate and channel capacity depend on the difer- 


ence of two entropies and this difference does not depend on 
the coordinate frame, each of the two terms being changed by 
the same amount. 

The entropy of a continuous distribution can be negative. 
The scale of measurements sets an arbitrary zero correspond- 


ing to a uniform distribution over a unit volume. A distribu- 


E 


tion which is more confined than this has less entropy and will 
La mamatera MLA matag awry ote a TP metann wzra l] La L de de a tT Or b a m luwya om | 
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yY; = D iis. 
In this case the Jacobian is simply the determinant | a;; |-! and 
H(y) = H(x) + log | ai; |. 


In the case of a rotation of coordinates {or any measure pre- 
serving transformation) J = 1 and H (y) = H(z). 


21. Entropy of an Ensemble of Functions 


Consider an ergodic ensemble of functions limited to a certain 
band of width W cycles per second. Let 


P (£i, © © © , Ln) 


be the density distribution function for amplitudes xı - > > 2, at 
n successive sample points. We define the entropy of the ensemble 
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With white thermal noise p is Gaussian and we have 


E 
| 
R 
; 
Ñ 
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possible entropy. This follows 
the Gaussian distribution noted above. 


a | 1 


of long sequences, and to the number of reasonably probable se- 
quences of long length. In the continuous case it is related in a 
similar fashion to the logarithm of the probability density for a 
long series of samples, and the volume of reasonably high proba- 
4 
More precisely, if we assume p(z, © © * , %,) continuous in all 
the x; for all n, then for sufficiently large n 


log P _ y 
n 


<e 


for all choices of (zı, © + © , %,) apart from a set whose total 
probability is less than 6, with 6 and e arbitrarily small. This fol- 
lows from the ergodic property if we divide the space into a large 
number of small cells. 

The relation of H to volume can be stated as follows: Under 
the same assumptions consider the n dimensional space corre- 
sponding to p(%1, © © © , £n). Let V„a(q) be the smallest volume in 
this space which includes in its interior a total probability q. 
Then 


log Valg) 
e n l} 
Lim = H 
n= o n 
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volume (at least in the logarithmic sense) of high probability, 
and that within this volume the probability density is relatively 
uniform ( again in \ the logarithmic sense). 
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Since this depends only on Xx? the surfaces of equal probability 
density are spheres and the entire distribution has spherical sym- 
metry. The region of high probability is a sphere of radius 

\/ nN. As n— œ the probability of being outside a sphere of 


NLN A hh IU NF kei S S a a | ww w = wr =~ 


. I . 
radius V n(N + e) approaches zero however small e and m times 


the logarithm of the volume of the sphere approaches log V 2reN. 
In the continuous case it is convenient to work not with the 


entroov H af an ensemble hut with a derived aquantitv which we 
44 U4 PJ A Ws WALLA Wh swe, ba bv i we SY YY AUAL WA \4AWSA 2 TY WMA My We wwse vey 244044 Ld 
ee l1] aall ih an nar teens A m a aa ne Lin © r AnALwnaAL m on | dha wr SRT SD i ot 

ìll Call tne ENLTOPY power. This is defined as the power in a 


white noise limited to the same band as the original ensemble 
and having the same entropy. In other words if H’ is the entropy 
of an ensemble its entropy power is 


a" 


N, == exp 2H’. 
27 





In the geometrical picture this amounts to measuring the high 
probability volume by the squared radius of a sphere having the 
same volume. Since white noise has the maximum entropy for a 
given power, the entropy power of any noise 1s less than or equal 
to its actual power. 


22. Entropy Loss in Linear Filters 


Theorem 14: If an ensemble having an entropy H, per degree 
of freedom in band W is passed through a filter with character- 
istic Y (f) the output ensemble has an entropy 


1 r 
H: = Hı + =y | log | YQ) |è dj. 





JW 
T 1e operation nf tha filtar ioa nacantially a lnaar tranafnarmatinn af 
AL pwt CUULV LL Wl VLIW L1LULL LHD CJJI VLiCLIL CA LALA ULI CULI ILLIC UVULIVVIL VL 
coordinates. If we think of the different frequency components as 
the original coordinate system, the new frequency components 


actors. The coordinate 


94 The Mathematical Theory of Communication 


where the f; are equally spaced through the band W. This be- 
comes in the limit 


exp a af log | Y(f) |? df. 


Since J 1s constant its average value iS the same quantity and 
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coordinates, the result follows. We may also phrase it in terms 
of the entropy power. Thus if the entropy power of the first 
ensemble is N, that of the second 1s 





N, exp — | log | Y(f) |? df. 


JW 
The final entropy nower 18 tha initial antrany nower miltiniied 
LAiUL EU VY YY UIL pe) ULIlwW I2L13iA0NVL C1 Wiis VRS rv YY Wa SRAM LUA LAs 
b ~~ al fib, CIl- TL ibo aasa fn we aan maan A 
by the geometric mean gain of the filter. If the gain 1s measured 
in db, then the output entropy power will be increased by the 


arithmetic mean db gain over W. 
In Table I the entropy power loss has been calculated (and 


alan avnraaccad in dh) far a number af ideal cain rharartanctira 
ald Capi Chiou lIl UU J LUL A ILULILIVŅCLI UL IAC A Sy Asilt VLias Gav UUs LIVIU 
The impulsive responses of these filters are also given for 


W = 2r, with phase assumed to be 0. 
The entropy loss for many other cases can be obtained from 


these results. For example the entropy power factor = > for the 


first case also applies to any gain characteristic obtained from 
1 — w by a measure preserving transformation of the œ axis. In 
particular a linearly increasing gain G (w) = w, or a “saw tooth” 
characteristic between 0 and 1 have the same entropy loss. The 


reciprocal gain has the reciprocal factor. Thus ~ has the factor e?. 


Raising the gain to any power raises the factor to this power. 


23. Entropy of the Sum of Two Ensembles 


If we have two ensembles of functions f,(t) and gg(t) we can 
form a new ensemble by “addition.” Suppose the first ensemnle 


has the probability density function p(z, ° , tn) a 
second g(%1, °° ° , £a). Then the density funetion for the s sum 1s 
rattan a dha fi fr Vi t al atann 
Biv 1 WwW LIIT ULUILLVULUOULUII 
ply, ry =f.. fala. y) 
t Iy I) ny J J FPN It) 9 JN) 
g(t — Yt, ` ` `, Ln — Yn) Ayr dyz ` ` ` dyn. 


Physically this corresponds to adding the noises or signals repre- 


sented by the original ensembles of functions. 
The followi 
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Theorem 15: Let the average power of two ensembles be Nı 
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and N, and let their entropy powers be N, and Nz. Then the 
entropy power of the sum, N3, 1s bounded by 


Whita FAIIAQIAN NNANICA aa ha nonnhar nronorty that it nan 
VY £244 UW WA CU ULIJIJA LALL 4AV uu T F g eTO) VIIw rPrYYv VLALACAL b+ Vy vy ViLLaavu AV Wail 
ahanrh ana athar 3 a ahiah mary ha adda te 
ADSO WHICH May ve aaaea to 


ntropy power approximately equal to the sum 
he white noise power and the signal power (measured from 


of 
the average signal value, which is normally zero), 
’ rt 


) 
2 J... il, f ae) i J *1,1 11 


Consider the function space associated with these ensembles 
having n dimensions. The white noise corresponds to the spherical 
Gaussian distribution in this space. The sional ensemble corre- 
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about its center of gravity be a,;. That is, if p(1, © © © , Za) is 
the density distribution function 


ais = [> + f pei — a) (z; — aj) dx, °°: dx, 


where the a; are the coordinates of the center of gravity. Now ai; 
is a positive definite quadratic form, and we can rotate our 
coordinate system to align it with the principal directions of this 
form. a;i; is then reduced to diagonal form 6;;. We require that 
each bi; be small compared to N, the squared radius of the 
spherical distribution. 

In this case the convolution of the noise and signal produce 
approximately a Gaussian distribution whose corresponding 
quadratic form is 


r F 7 
Th a aANntrantr YA SATIF AY aft thin Araterhiatian aa 
i 11U CIHUUPY PYWUl Ul LILIS ULSULLVUULIVIL 15 
1/n 
[O(N + bi) |?” 
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= [(N)* + 2bi(N) =Y” 
= N 
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The last term is the signal power, while the first is the noise 





24. The Capacity of a Continuous Channel 


In a continuous channel the input or transmitted signals will be 
continuous functions of time f(t) belonging to a certain set, and 
the output or received signals will be perturbed versions of these. 
We will consider only the case where both transmitted and re- 
ceived signals are limited to a certain band W. They can then be 
specified, for a time T, by 27W numbers, and their statistical 
structure by finite dimensional distribution functions. Thus the 
statistics of the transmitted signal will be determined by 


P(x, so" , Ln) = P(x) 
and those of the noise by the conditional probability distribution 
Pay) (Yr, °° +) Yn) = Poly). 


R = H(z) — H,(z) 

where H (x) is the entropy of the input and A,(x) the equivoca- 

tion. The channel capacity C is defined as the maximum of R 

when we vary the input over all possible ensembles. This means 

hat in a finite dimensi yproximation we must vary P(x) = 
e 
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This can be written 


[[P@ y) log -pS da dy 


using the fact that f | P(g, y) log P(x) dz dy = [P@ log P(x) dz. 


The channel capacity is thus expressed as follows 





Lim M pi | mae y) 
C= Luim vl AX m w |] P(e, y) og Dfw\ Df;\ dx dy. 
Too P(z) i JJ \t4]f VY) 

It is obvious in this form that R and C are independent of the 
a Dy nD RD Be (en en en ee S 
coordinate system since the numerator and denominator in log 

F (7, y) will be multiplied hy tha caama fantnre whan an ai 
P YY LILL RJ ALL Avs a a hy ey Vili WOCULLIA LUU Uw wo YY BLWUIiIL Chllvua 

r)P(y) 
are transformed in any one-to-one way. This integral expression 
fay f! 18 more gene era] than H íai — WW (wv) Drnnanarl<«er intannyrantan 
UI ù id 1ivuict LiCial LLAI ii (1) fiy\t). LLOPCILy WILeLprevuca 


(see Appendix 7) it will always exist while H(z 
assume an indeterminate form œ — oo in some cases. This occurs, 
for example, 1f x is limited to a surface of fewer dimensions than 
n in its n dimensional approximation. 

If the logarithmic base used in computing H(z) and H,(x) is 
two then C is the maximum number of binary digits that can be 
sent per second over the channel with arbitrarily small equivoca- 
tion, just as in the discrete case. This can be seen physically by 
dividing the space of signals into a large number of small cells, 
sufficiently small so that the probability density P,(y) of signal 
x being perturbed to point y is substantially constant over a cell 
(either of x or y). If the cells are considered as distinct points 


tha aituiatinan io NAA nYV +i lx tha ann re am rp) dian an cha anne! ann tha 
UIT SLLUWUAULYUI 15 CDCI nti lly LIIT same ads a aiscr LU UllCAALLLIUL ALLU vne 
P 1 rE | Th 11 


proofs used there will a apply. But it is clear physically that this 
quantizing of the volume into individual points cannot in any 
practical situation alter the final answer significantly, provided 


the regions are sufficiently small. Thus the capacity will be the 
Tiwiit af tha nananitina fran tha aArianrnata mA PNA ITFI NIAN ann thin Ien 
LlililU UL ULLT VaAVAaAVIULTS LVI LIIT ULISVULUCUT subdivisions Allu LILIS 15 


just the continuous capacity defined above. 
On the mathematical side it can be shown first (see Appendix 7) 
e si 


that 1f u is the message, x i gnal, y is the received signal 
(pe rturbed by noise) and v th 
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regardless of what operations are performed on u to obtain z or 
on y to obtain v. Thus no matter how we encode the binary digits 
to obtain the signal, or how we decode the received signal to 
recover the message, the discrete rate for the binary digits does 


not exceed the channel capacity we have defined. On the other 
hand IL ia nnaaihla wundav wore vannrno AndAitinna tr Ged a andine 
Walla, it is possible under VEIY Serer al CONnGIvIONS tO tina a codi 1S 
system for transmitting binary digits at the rate C with as small 


an equivocation or frequency of errors as desired. This is true, 


for example, if, when we take a finite dimensional approximating 
1 ~ and 
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et 
An important special case occurs when the noise is added to 
the signal and is independent of it (in the probability sense). 


Then P,(y) is a function only of the (vector) difference n = 


(a, — r) 
\g wy) 


and we can assign a definite entropy to the noise (independent 
of the statistics of the signal), namely the entropy of the dis- 
tribution Q(n). This entropy will be denoted by H(n). 


Theorem 16: If the signal and noise are independent and the 
received signal rs the sum of the transmitted signal and the noise 
then the rate of transmission is 


e., the entropy of the received signal less the entropy of the 
noise. The channel capacity 1s 


(az) + (yr) = (yr) + (n) 
iA VY / I ayw) ii \w } l iA IUJ 
Tanana 
LITILUG 
k = H (x) — H,(x) = Hy) — H (n) 
Qin ana FT f.,\ aanandant nf Dl ay aaan prana D wanes 
LCC LINJ iS indep Nacinb& Pill), WidaAll > iv requires 
maximizing H(y), the entropy of the received signal. If there are 
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certain constraints on the ensemble of transmitted signals, the 
entropy of the received signal must be maximized subject to these 
constraints. 


25. Channel Capacity with an Average Power Limitation 


A 


A simple application of Theorem 16 occurs when the noise is a 


white thermal noise and the tran smitted sionals are limited tn a 
yy LILA Vw WAAWA LLALL LANJ AWIW QEAVA VA L UVA AL nsm UUW a o iata WLU 1422414 UWM Vas «fA 
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CCI LALI avela OWE! £. INCH UNC ICCEIYVECU slpnals Have all aver- 


ge pow ) 

age power P + N where N is the average noise power. The max- 
imum entropy for the received signals occurs when they also form 
a white noise ensemble since this is the greatest possible entropy 
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received ensemble is then 
H (y) = W log 2re(P + N), 
and the noise entropy is 
H (n) = W log 2reN. 
The channel capacity is 


C = H(y) — H(n) = W log TIN, 


Summarizing we have the following: 


Theorem 17: The capacity of a channel of band W perturbed 
by white thermal norse of power N when the average transmitter 
power is limited to P is guven by 
N 


=| + 


C = W log 


bh. 
ae! 


This means that by sufficiently involved encoding systems 


x 


we can transmit binary digits at the rate W loge bits 


per second, with arbitrarily small frequency of errors. It 1s not 
possible to transmit at a higher rate by any encoding system 
without a definite positive frequency of errors. 


To approximate this limiting rate of transmission the trans- 
enwzttnAA naemnala ennwand approxima on. a atadt atingl Tarn ta M riea Aar fay zehin 
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noise. A system which approaches the ideal rate may be de- 
scribed as follows: Let M = 2* samples of white noise be con- 
structed each of duration 7. These are assigned binary numbers 
from 0 to (M — 1). At the transmitter the message sequences are 


broken up into groups of s and for each group the corresponding 
an mean anmnla arc 4 mm. oem A 44,7] ~~ a than naman ÀL tha Thar a aa a a a tL a A 
10ise sample is transmitted as the signal. At the receiver the M 


samples are known and the actual received signal (perturbed by 
noise) 1s compared with each of them. The sample which has the 
least R.M.S. discrepancy from the received signal is chosen as 


t E transmitte sional and the renrresnnndinge hinaryvy number ro- 
iL & CLULANIJILLLA UV VA Oo CH BAVA Vast rr ia: ALLAL J AAVALEAAS NA A 
anwnatuwwntan Th 118 process amansa da tn ch Annaa tha manat nenhahla 
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(a posterior) signal. The number M of noise samp 
depend on the tolerable frequency e of errors, but for almost all 
selections of samples we have 


xr f 


_ 7. log M(e,T) _ +N 
Tap e p log ym 
so that no matter how small e is chosen, we can, by taking T 


sufficiently large, transmit as near as we wish to TW log a. 
binary digits in the time T. 

P+WN 
N 
case have been developed independently by several other 
writers, although with somewhat different interpretations. We 
may mention the work of N. Wiener,’ W. G. Tuller, and H. 


Sullivan in this connection. 


Formulas similar to C = W log for the white noise 


In the case of an arbitrary perturbing noise (not necessarily 
white thermal noise) it does not appear that the maximizing 
problem involved in determining the channel capacity C can be 


solved explicitly. However, upper and lower bounds can be set 
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power N, These bounds are sufñciently close together in most 
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practical cases to furnish a satisfactory solution to the problem. 


Theorem 18: The capacity of a channel of band W perturbed 





by an arbitrary noise is bounded by the inequalities 
W log EA < 0 < W log — 
N, _ _ Ni 
aphere 


P =average transmitter power 
N = average noise power 
N, = entropy power of the norse. 


Here again the average power of the perturbed signals will be 
P + N. The maximum entropy for this power would occur if the 
received signal were white noise and would be W log 2re(P + N). 


e to achieve this: i.e.. there may not be anv 
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noise, produce a white therma 
this sets an upper bound to H 


C = Max H (y) — H (n) 
< W log 2re(P + N) — W log 27eN,. 
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This is the upper limit given in the theorem. The lower limit can 
be obtained by considering the rate if we make the transmitted 
signal a white noise, of power P. In this case the entropy power 
of the received signal must be at least as great as that of a white 
noise of power P + N, since we have shown in Theorem 15 that 
the entropy power of the sum of two ensembles is greater than or 
equal to the sum of the individual entropy powers. Hence 


TYTY 1 of fT H AT N 


Max H(y) > W log 2re(P + N;) 


and 
C > W log 2re(P + Ni) — W log 2reN, 
P 4+ N, 
= W log — 
V1 
As P increases, the upper and lower bounds in Theorem 18 ap- 
nrnanh ananh nathan an rA hax mn AA ATN naormntiantin nata 
PiLiUaLGILI Catil ULICI, DU © Havt dap all ady HAPUILI LALO 


If the noise is itself white, N = N, and the result reduces to the 
formula proved previously: 
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If the noise is Gaussian but with a spectrum which 1s not nec- 
naaani ler Aat AT ` tha manwmatwnin A NANT Aft dha va om YA SATE OY STP. NN dha 
essariy fiat, /V; 18 the geometric Mean oi the noise power Over tne 

. nr 1 1 1 YYY rral 
Various frequencies in the band W. [Thus 
l + 
N, = exp =| log N(f) df 
YY JW 
where N(f) 1s the noise power at frequency f 
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Theorem 19: If we set the capacity for a given transmitter 
power P equal to 


C = W log = 
Ny 
tL, ooh monotonic A anmannan m ft on D AW FINA STOOD os amral rmammunrnah roma’ A 
Cite Ht HLUTLULUTLLO UCLICUOSOL ty Us L CFEC FOCUSSCS UnU upp! UUCILEò U 
asa , Limit 
Suppose that for a given power P, the channel capacity is 
P:+ N — nı 
W log ———_.-—_. 


Ni 


This means that the best signal distribution, say p(x), when 
added to the noise distribution g(x), gives a received distribution 
r(y) whose entropy power is (Pı + N — nı). Let us increase the 
power to P, + AP by adding a white noise of power AP to the 
signal. The entropy of the received signal is now at least 


H (y) = W log 27e(P, + N — qı + AP) 


by application of the theorem on the minimum entropy power of 
a sum. Hence, since we can attain the H indicated, the entropy of 
the maximizing distribution must be at least as great and ņn must 
be monotonic decreasing. To show that 7 > 0 as P > oo consider 
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noise, 1f P is sufficiently large, in the sens 
power approaching P + N. 


26. The Channel Capacity with a Peak Power Limitation 


[n some applications the transmitter is limited not by the average 


104 The Mathematical Theory of Communication 


power output but by the peak instantaneous power. The problem 
of calculating the channel capacity is then that of maximizing 
(by variation of the ensemble of transmitted symbols) 


(2 — Hin) 
(y) — H(n) 
HNUMyEuY LU LIIT UVULISLIGdiILlIU LIIAL all LILIS LULLULIUIID JNE) LILL LIIT UllL™ 
1 F / ca p 1 A 
semble be less than or equal to V S , say, for all t. A constraint 


of this type does not work out as well mathematically as the 
average power limitation. The most we have obtained for this 


case is a lower bound valid for all —, an “‘asymptotic’”’ upper 


N? 


Theorem 20: The channel capacity C for a band W perturbed 
by white thermal notse of power N is bounded by 


S 
N ? 


where S is the peak allowed transmitter power. For sufficiently 


C > W log > 


C > W log W 


(1 +e) 


where e is arbitrarily small. As =. — 0 (and provided the band W 


starts at 0) 


C/W log (1 + S )> 1 
N 
We wish to maximize the entropy of the received signal. If 
Ss thin eral] mf) WT TITOYVUr naarl<s chan TIT iM Tri An Wir iw tha 
LILIS 1l UUUUL VUL liwailly wWiilvull CC LIAGAALLILWSU LIIG 
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The asymptotic upper bound is obtained by relaxing the condi- 
tions on the ensemble. Let us suppose that the power is limited 
to S not at every instant of time, but only at the sample points. 


The maximum entropy of the transmitted ensemble under these 
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weakened conditions is certainly greater than or equal to that 
under the original conditions. This altered problem can be solved 
easily. The maximum entropy occurs if the different samples are 
independent and have a distribution function which is constant 


nae ~ a damna wy m a 2% 
rom — V Sto + V S5. The entropy can 
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subtracting the entropy of the white noise, W log 2reN: 


W log (AS 1 9roNA (1 La 
YY 108 VID F ATEI) \L T €) 


This is the desired upper bound to the channel capacity. 

To obtain a lower bound consider the same ensemble of func- 
tions. Let these functions be passed through an ideal filter with a 
triangular transfer characteristic. The gain is to be unity at fre- 
quency 0 and decline linearly down to gain 0 at frequency W. 
We first show that the output functions of the filter have a peak 
power limitation S at all times (not just the sample points). First 











we note that a pulse sin 27 Wt going into the filter produces 
2rWt 
1 sin? «Wt 
2 (1 Wt)? 


in the output. This function is never negative. The input function 


(in the general case) can be thought of as the sum of a series of 
shifted functions 


, sin 27Wt 
2rWwt 
where a, the amplitude of the sample, is not greater than VS. 
Hence the output is the sum of shifted functions of the non- 


negative form above with the same coefficients. These functions 
being non-negative, the greatest positive value for any t is ob- 
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tained when all the coefficients a have their maximum positive 
values, i.e., V S. In this case the input function was a constant 
of amplitude V/S and since the filter has unit gain for D.C., the 


output is the came Hence the outniit. ensemble has a neak 
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The entropy of the output ensemble can be calculated from that 
of the input ensemble by using the theorem dealing with such a 
situation. The output entropy is equal to the input entropy plus 


the conmoatriral moan gain af tha filtor 
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Hence the output entropy 1s 
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W log 45 — 2W = 





and the channel capacity is greater than 


W log 2 = 


We now wish to show that, for small S (peak signal power 


N 
over average white noise power), the channel capacity 1s ap- 


proximately 
C = W log (1 =.) 


More precisely C/W log (1 + =) — l as + — 0. Since the 


average signal power P is less than or equal to the peak S, it 


follows that for all —— 


C< WwW 


1 fy, PN f, SÀ 
log (1 +4) SW log (1 + >> ). 


Therefore, if we can find an ensemble of functions guch that 


they correspond to a rate nearly W log (1 + a =) and are 


TAS °*11 1 


limited to band W and peak S the result will be proved. Consider 
the ensemble of functions of the following type. A series of t 
samples have the same value, either t+4/S or —-/S , then 
the next t samples have the same value, etc. The value for a 
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series is chosen at random, probability 4 for ++/S and } for 
—1/S . If this ensemble be passed through a filter with triangu- 
lar gain characteristic (unit gain at D.C.), the output is peak 
limited to + 3. F urthermore the average power is nearly S and 
can be made 


OD 





is sufficiently small. This can be insured by taking —— N small 


enough (after t is chosen). The entropy power will be S+WN to 
as close an approximation | as > desired, and hence the rate of 
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27. Fidelity Evaluation Functions 


In the case of a discrete source of information we were able to 
determine a definite rate of generating information, namely the 
entropy of the underlying stochastic process. With a continuous 
source the situation is considerably more involved. In the first 
place a continuously variable quantity can assume an infinite 
number of values and requires, therefore, an infinite number of 
binary digits for exact specification. This means that to transmit 
the output of a continuous source with exact recovery at the re- 
celving point requires, in general, a channel of infinite capacity 
(in bits per second). Since, ordinarily, channels have a certain 
amount of noise, and therefore a finite capacity, exact transmis- 
sion is impossible. 

This, however, evades the real issue. Practically, we are not 
interested in exact transmission when we have a continuous 


source, but only in transmission to within a certain tolerance. The 
can we assign a definite rate to a continuous source 


os SF > i J AF STS d Të? Wr T Par -= haid WS W” a = aw YW tL w AF Ty 
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1 


a suitable way. Of course, as the fidelity requirements are in- 
creased the rate will increase. It will be shown that we can, in 


very y general cases, define such a rate, having the property that 
] erly e neoding the information. to transmit it 


encoalng We es @ALB SA WI So anaewwaeeeey WT We EVE BRS ES 


nannaniter to equ al 4A dha rate in "n h h 4s “_ 
Capacity is equai tO tne rate in q U 


e 
and satisfy the fidelity requirements. A channel of sma 
pacity is insufficient. 
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It is first necessary to give a general mathematical formulation 
of the idea of fidelity of transmission. Consider the set of mes- 


sages of a long duration, say 7 seconds. The source is described 
pro obabilitv density P(x), in th 


by giving the bility densi 1 the associated space, 
“wy o D “HY J) /) Z “~reev™) 
4.24 4h, wAceee a 6A RA nt Ah RR er rnmman een iw pt nwbinw A pweeer nen Ane} 

Val LDC SsOUTCE WIT Sseicclu LIC INESSA E in QUCSlIO. A PIVCI! COIN- 
munication system is described (from the external point of view) 
by giving the conditional probability P,(y) that if message z is 
nradiueed hy the enurree the reenvered mecaace at the rerervine 
+ WAU J ULLI BJ ULU ULI d UUW yY ULL wus LHUYD wU Vall UVULA Y aiify 
point will be y. The system as a whole (including source and 
transmission system) is described by the probability function 


of 


nal output y. If this function 


? wv 


P(x,y) of having message x and 


1S known tha namnlata nharantarictina af tha evaetam fram tha 
aA An 1107 ity F a w VULI PIiYV uw WEtbaad AV ULL L UVIVU WL ULI ny WUE LA WLLL VILU 
point of view of fidelity åre known. Any evaluation of fidelity 


must correspond mathematically to an operation applied to 
P(x,y). This operation must at least have the properties of a 
simple ordering of systems; 1.e., it must be possible to say of two 
systems represented by P,(z,y) and P(x, y) that, according to 
our fidelity criterion, either (1) the first has higher fidelity, 
(2) the second has higher fidelity, or (3) they have equal fidelity. 
This means that a criterion of fidelity can be represented by a 
numerically valued evaluation function: 


v(P(z,y)) 


whose argument ranges over possible probability functions 
P(x,y). The function v(P (xz, y)) orders communication systems 
according to fidelity, and for convenience we take lower values of 
v to correspond t to “higher ee 


Wi OVTIT XTIT tha + mana 
LLU ho U YY vllad IIU 
i? 


sumptions the function v (P (za, y )) can be written in a seemingly 
much more specialized form, namely as an average of a function 


p(x, y) over the set of possible values of x and y: 


v(P(x,y)) = JJP, y) p(x, y) dx dy. 


a>) 
= 
a ef 


1 


a 
bility nearly 1, typical of the ensemble, and (2) that the evalua- 
tion is “reasonable” in the sense that it is possible, by observing 
a typical input and output x, and yı, to form a tentative evalua- 
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tion on the basis of these samples; and if these samples are in- 
creased in duration the tentative evaluation will, with probability 
1, approach the exact evaluation based on a full knowledge of 
P(x,y). Let the tentative evaluation be p(z, y). Then the func- 


j | a A UYU LLAW K tuU LAL a LLA 
m aA whinh ara in tha hish nenhahilite: radian aarrocnanding ta 
(x, y) which are in tne hign propability region corresponding to 
the system: 


and we may also write 
p(x, y) > f | P(x, y) p(z, y) dx dy 
since 


This establishes the desired result. 

The function p(x,y) has the general nature of a “distance” 
between x and y.? It measures how undesirable it is (according to 
our fidelity criterion) to receive y when x is transmitted. The 
general result given above can be restated as follows: Any reas- 
onable evaluation can be represented as an average of a distance 
function over the set of messages and recovered messages x and y 
weighted according to the probability P(x, y) of getting the pair 
in question, provided the duration T of the messages be taken 
sufficiently large. 

The following are simple examples of evaluation functions: 


1. R.M.S. criterion. 


L 
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In this very comn distance 
function p(x, y) is (apart from a constant factor) the square 
of the ordinary euclidean distance between the points x and y 
in the associated function space. 
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Frequency weighted R.M.S. criterion. More generally one can 
apply different weights to the different frequency components 


° It is not a “metric” in the strict sense, however, since in general it does 
not satisfy either p(x, y) = p(y, x) or p(z,y) + ply,z) > p(z, z). 
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before using an R.M.S. measure of fidelity. This 1s equivalent 
to passing the difference x(t) — y(t) through a shaping filter 
and then determining the average power in the output. Thus let 


olt) — wlt\ — ayt) 
Clb} — At] J Kt) 
and 
fit) =| e(r)k(t — r) dr 
J Y7 N / 
— 
then 
} pT 
plz, y) =f fo? dt 
T Jo 


The structure of the ear and brain determine implicitly a num- 
ber of evaluations, appropriate in the case of speech or music 
transmission. There is, for example, an “intelligibility” crite- 
rion in which p(z, y) is equal to the relative frequency of in- 
correctly interpreted words when message x(t) is received as 
y(t). Although we cannot give an explicit representation of 
p(x, y) in these cases it could, in principle, be determined by 
sufficient experimentation. Some of its properties follow from 
well-known experimental results in hearing, e.g., the ear is 
relatively insensitive to phase and the sensitivity to amplitude 
and frequency is roughly logarithmic. 


aan 


5. The discrete case can be considered as a specialization in which 
we have tacitly assumed an evaluation based on the frequency 
of errors. The function p(x, y) is then defined as the number 
of symbols in the sequence y differing from the corresponding 
symbols in z divided by the total number of symbols in z. 
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and an evaluation v determined by a distance function p(z, y) 
which will be assumed continuous in both z and y. With a par- 
ticular system P (x, y) the quality is measured by 
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v = | fo(x,y) Pa, y) dz dy. 


Furthermore the rate of flow of binary digits corresponding to 
P(x,y) is 


aA p Df» ar\ 
yf A 
R = | | P(x, y) log =-3— dz dy. 
JJ LAL)E Y) 
We Asana the nata D af wmoanarating mfnematinn far a mitran niig] 
ve aenne tne rate it, Oi generating iniormation ior a given quali- 
ity vı of reproduction to be the minimum of #& when we keep v 


fixed at vı and vary P, (y). That is: 


Dí ma arÀ 
i 
Ry = Min | | P(e, y) log g —*" _ dr dy 
Patu) J P(x)P(y) 
anhiant ta tha annatraint: 
NUYJCUU LVO LIC COISU allit. 


This means that we consider, in effect, all the communication 
systems that might be used and that transmit with the required 
fidelity. The rate of transmission in bits per second is calculated 
for each one and we choose that having the least rate. This latter 
rate is the rate we assign the source for the fidelity in question. 

The justification of this definition lies in the following result: 


Theorem 21: If a source has a rate R, for a valuation v, tt is 
possible to encode the output of the source and transmit it over a 
channel of capacity C with fidelity as near v, as desired provided 
Rı < C. This is not possible if Ry > C. 


The last statement in the theorem follows immediately from 
the definition of R, and previous results. If it were not true we 
could transmit more than C bits per second over a channel of 
capacity C. The first part of the theorem is proved by a method 


analogous to that used for Theorem 11. We may, in the first place, 


7 i 7 4 EE 


divide t e (y ui sapara intn a larsa number of emal] cella and 
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for p(z, y). Suppose that P, (z, y) 1s the particular system which 
minimizes t e rate and olrved Wa hanea from tha high nraha 
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bility y’s a set at random containing 


The Rate for a Continuous Source 118 


members where «e > 0 as T —> œ. With large T each chosen point 
will be connected by high probability lines (as in Fig. 10) to a set 
of x’s. A calculation similar to that used in proving Theorem 11 
shows that with large T almost all x’s are covered by the fans 


from the chosen y points for almost all choices of the y’s. The 


ALLA W444 A ANF hJ Na A Ay d r ALAA VBI A NFA AANT A NJAA ~r Kr 


ma a m a M M a 7 £32 a aM ONT PE a b oaa La | oo saan natan oo £ 
communication system LO VE USU ope rates as i 


lected points are assigned binary numbers. When a message x is 
originated it will (with probability approaching 1 as T > œ) lie 
within at least one of the fans. The corresponding binary number 


1S tran: mitted (ar ane af them chacen arbitr rily if the re are sev- 
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AA 


probability of error. Since R: this is possible. At the receiv- 
ing point the corresponding y is reconstructed and used as the 
recovered message. 


Tho evaluation PTY for thie ay vatam ean O 
A ALU AUG, Uj LUA VED SJ AVGI CAIL VU Lii 


made arbitrarily close 
to vı by taking T sufficiently large. This is due to the fact that for 
each long sample of message x(t) and recovered message y(t) the 
evaluation approaches v, (with probability 1). 

It is interesting to note that, in this system, the noise in the 
recovered message is actually produced by a kind of general 
quantizing at the transmitter and is not produced by the noise in 
the channel. It is more or less analogous to the quantizing noise 


in PCM. 


29. The Calculation of Rates 
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P(x, y) 
P(2)P(y) 


Jas ta 
ax ay 


with P,(y) fixed and possibly one or more other constraints (e.g., 
an average power limitation) of the form K = ff P(x,y) A(z, y) 
dz dy. 
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termining the rate of a source can be given. Using Lagrange’s 
method we consider 


Ply y 


f rT 
f| P(x, y) log =A“ — + u P(x, y)o(z, y) 
JIL P(x2)P(2 


es ie 
TUL) T, Y) | ax ay. 
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The variational equation (when we take the first variation on 
P(x, y)) leads to 


Py) = B(x) ew 


where à is determined to give the required fidelity and B(x) is 
chosen to satisfy 


| B(x) erelzy) dy = 1. 


This shows that, with best encoding, the conditional probability 
of a certain cause for various received y, P,(x) will decline ex- 
ponentially with the distance function p(x, y) between the x and 
y in question. 

In the special case where the distance function p(x, y) depends 
only on the (vector) difference between z and y, 


p(x, y) = p(x — y) 
we have 


JB) e™ea—) dg = 1. 


Hence B(x) is constant, say a, and 
P, (x£) = ae ey), 


Unfortunately these formal solutions are difficult to evaluate in 
particular cases and seem to be of little value. In fact, the actual 


ealeulatian of rateac has been earried out in only Q few very simple 
UCAIVUIŬUVULULIL Wh LOUD 11 OC EL CALLI VuU a avy AY Wsssaprid 


mc timo 


If the distance function p(z, y) is the mean square discrepancy 
between x and y and the message ensemble is white noise, the 
rate can be determined. In that case we have 


R = Min [H (z) — H,(z)] = H(z) — Max H, (2) 


with N = (x — y)’. But the Max H,(x) occurs when y — x is a 
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white noise, and is equal to W, log 2zeN where W, is the band- 
width of the message ensemble. Therefore 


P — W. lao 920 W., las 9roN 
fu — FF 1 1U ant my] 1U &ncliy 
w Q 
= rr 1 log N 
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k = W, log — 
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are error between original and 


More generally with any message source we can obtain inequal- 
ities bounding the rate relative to a mean square error criterion. 


Theorem 23: The rate for any source of band W, 1s bounded by 
W, log —— Ai <R< W; log = 


where Q is the average power of the source, Q, its entropy power 
and N the allowed mean square error. 


The lower bound follows from the fact that the Max H,(x) for 
a given (x — y)? = N occurs in the white noise case. The upper 
bound results if we place the points (used in the proof of Theorem 
21) not in the best way but at random in a sphere of radius 
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Appendix 1. The Growth of a Number of Blocks of Symbols 
with a Finite State Condition 


T 


T a2 AT? ¢STFN Lo EL eee bh anan ana htie.l ~f 2. O of Tow adh a | 
Let N;(Z) be the number of blocks of symbols of length L end- 
ing in state 7. Then we have 


N | ono * 


1 2 
where 6;;, Dij, , bi; are the length of the symbols which may 
be chosen in state i ‘and lead to state 7. These are linear differ- 
ANAM aniatinna any tha ha atinnr an T. E, m miict ha nf tha turmna 
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N; = A;W* 


or 


2 È Wwe — õi) Ai = 0. 
For this to be possible the determinant 
D(W) = | a; | = |W? — ôi; | 


must vanish and this determines W, which is, of course, the 
largest real root of D = 0. 
The quantity C is then given by 


. log TA,;,W# 
C = Lim 8 AA i = log W 
L- © Li 
and also note that the same growth properties result if we 
require that all blocks start in the same (arbitrarily chosen) state. 
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Let H (—, —, ---:,—)}) = A(n). From condition (3) we can 
\n Nn ns o | 


decompose a choice from s” equally likely possibilities into a 
series of m choices each from s equally likely possibilities and 
obtain 


A(s”) =m A(s). 
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Similarly 
A(t") =n A(t) 
WVU Udall UllLUUSE Mf ALVIUIAILIIY laLSe Allu IIU ali fl LU sadlidol y 


m z log t 


n log s 














where e is arbitrarily small. Now from the monotonic property of 
A(n) 
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A(s™) < A(t") < A(s™) 
m A(s) < nA(t) < (m + 1) A(s) 
Hence, dividing by nA (s), 
m A(t) m 1 m A (t) 
ne <L p— ee 
n — A(s) T n + n |n A(s) <e 
A(t) log t O 
A(s) logs |= 2e A(t)= — K logt 





where K must be positive to satisfy (2). 
Now suppose we have a choice from n possibilities with com- 


measurable probabilities p; = Li where the n; are integers. We 


aN; 
can break down a choice from =n; possibilities into a choice from 
n possibilities with probabilities pı, © © - , Pn and then, if the th 


was chosen, a choice from n; with equal probabilities. Using con- 
dition 3 again, we equate the total choice from =n; as computed 
by two methods 


Y7 1 


K log aN; — H (pu, my Pn) T K3 Pi log Ni. 
Hence 





If the p; are incommeasurable, they may be approximated by 
rationals and the same expression must hold by our continuity 
assumption. Thus the expression holds in general. The choice of 
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coefficient K is a matter of convenience and amounts to the choice 
of a unit of measure. 


Appendix 3. Theorems on Ergodic Sources 


is traversed in a long sequence of le 
about proportional to the probability of being at 1, say P;, and 


then choosing this path, P;p;;N. If N is large enough the roba- 
bility of percentage error + 6 in this is less than e so that for all 
but a set of small probability the actual numbers he within the 


} 


aaan a © 
INUS 


— 


Hence nearly all sequences have a probability p given by 


p — pE TDN 
and -gp is limited by 
lo 
ae = Z(Pipi; + ô) log pi; 
or 
lo 
ee — 2Pipi; log pi | <n 


This proves Theorem 3. 
Theorem 4 follows immediately from this on calculating upper 
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To prove theorems 5 and 6 first note that Fy is monotonic de- 
creasing because increasing N adds a subscript to a conditional 
entropy. A simple substitution for pg;i(S;) in the definition of Fy 


shows that 
Fy =N Gy — (N —1) Gy 


« 4 SN ~a i—i 
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the same limit. By using Theorem 3 we 


Appendix 4. Maximizing the Rate for a System of Constraints 


Suppose we have a set of constraints on sequences of symbols 
that is of the finite state type and can be represented therefore 
by a linear graph, as in Fig. 2. Let li be the lengths of the vari- 
ous symbols that can occur in passing from state 2 to state J. 
What distribution of probabilities P; for the different states and 
p% for choosing symbol s in state i and going to state j maxi- 
mizes the rate of generating information under these constraints? 
The constraints define a discrete channel and the maximum rate 
must be less than or equal to the capacity C of this channel, 
since if all blocks of large length were equally likely, this rate 
would result, and if possible this would be best. We will show 
that this rate can be achieved by proper choice of the P; and p ®. 


The rate in question 1s 


— L Pip? log pi 


2 Pipi? lp 
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Pij = R 3) 
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where the B; satisfy the equations 
_ No eye (a 
B; = LBW. 


This homogeneous system has a 
is such that the determinant t 
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(s) 
| 2 wW- = _ 5. | = Q, 
The p{ defined thus are satisfactory transition probabilities for 
411 LIIT ILLL Piave, 
oL SBi yao 
ím Pii = hos Yy 
J, $ 1,8 B; 
B; 
= Ta == 1 
Di 


an thad Ahan ae: ~ 
SO LIAL LIIE SUII UO 


a 

point is unity. Furthermore t re non-negative as can be seen 
from a consideration of the quantities A; given in Appendix 1. 
The A; are necessarily non-negative and the B; satisfy a similar 
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1 € 
Substituting the assumed values of p®’ in the general equation 
for the rate we obtain 


Pips) log = Wri? 


DP pf li; 
log WIP. i? — =P pi} log B; + =P? log Bi 


DP ip; ,li? 
= log W = C. 


Hence the rate with this set of transition probabilities is C and 
since this rate could never be exceeded this is the maximum. 
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Let S, be any measurable subset of the g ensemble, and S, the 
subset of the f ensemble which gives S, under the operation T. 


Thon 
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time A. Then 


AYS,; = HTS, = THS, 
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since T is invariant and therefore commutes with H>. Hence if 
m[S] is the probability measure of the set S 


mI HASI = m THYS] = m HS.) 
|41 1] Lj L LI O29] Mel id 2] 
= m|[ So] = m| Sı] 


where the second equality is by definition of measure in the g 
space, the third since the f ensemble is stationary, and the last 
by definition of g measure again. This shows that the g ensemble 


is statio 
To prove that the ergodic property is preserved under invariant 
operations, let S, be a subset of the g ensemble which is invariant 


under H^, and let S, be the set of all functions f which transform 
nto S,. Then 


so that H*^S, is included in S, for all A. Now, since 
mI HS] = miS] = m[Sj] 


this implies 
MS, — Se 


for all A with m[S,] = 0, 1. This contradiction shows that S, does 
not exist. 
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To obtain the lower bound, suppose we have two distributions 
in n dimensions p(z;) and q(2;) with entropy powers N, and Ns. 


What form should p and q have to minimize the entropy power 
AT af thair eanvalitian rf(7.)> 
iV; OI tneir convolution rizi): 

Plr) = plaate. — uA da. 

ri) = J PYY i) AYi. 


The entropy H; of r is given by 


YT 


f f ` 1 f/f ` 7 
3 = — | r(t) log r(x) dz. 
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We wish to minimize this subject to the constraints 


HA, = — J p(x:) log p(x) dx; 
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f f/..\ taw {f. 7. 
— | q\T:) 10g ri) ai. 


We consider then 


> f 


=-=] [r(x) log r(x) + p(x) log p(x) + u(x) log q(x)] dx 


U 
ôU = — ft + log r(x)] r(x) + > [1 + log p(x)] dp(x) 
+ ull + log q(x) 6q(x)]] dz. 
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If p(x) is varied at a particular argument x; = s;, the variation 


r(x) = q(x; — S;) 


ôU = — f a(z — s;) log r(x:) dz; — ` log p(s:) = 0 


and similarly when q is varied. Hence the conditions for a mini- 
mum are 


falm — si) log r(x) = — à log p(s) 
J pla: — si) log r(z:) = — u log q(s:). 


If we multiply the first by p(s;) and the second by q(s;) and 
integrate with respect to s we obtain 


H, = —_ À H, 
H, = — p H, 
or solving for À and u and replacing in the equations 
f . l , o -o 
Hı | q(ai — s:) log r(x:) dx; = — H; log p(s:) 
J 
H: | p(z: — s;) log r(x:) dx; = — H; log p(s:). 
Now suppose p(x;) and g(z;) are normal 
“ rr = ENYI, WQAvAwt) 


— avn — Lb 
P\ ti — (2m)”!2 CAP 2 Mt LA jhit 
| B., |n/2 
nlr.) = | 21 | ovn — 1 ©R..m.y 
G\ei) CAP 2 a Dijtir; 


E (27r)"/? 
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Then r(z;) will also be normal with quadratic form C;,;. If the 
inverses of these forms are aij, bij, Ci; then 


Ces = A:: -4 h.. 


Tf 


We wish to show that these functions satisfy the minimizing c 
a 


ditions if and only if a;; = Ab;; and thus give the minimum H, 
unaer tne constraints. First we nave 

1 rá Yo n 1 l | sy 1<<“/yY 

10g T(t) = "5 10g 2r | Gag | Tm g SOG Ti; 











1 
tj | —ł LC; ;8:8; — 3 DC 55533. 














H3 [n log i | A; | _ 1 SA: ss; | 
H, L2 © 2r 7”! 2? mer 
H 
which requires Aj; 7 Ciji. 
3 
In this case Aj; = ou B;; and both equations reduce to 
2 
identities. 
Appendix 7 


The following will indicate a more general and more rigorous 
approach to the central definitions of communication theory. 
Consider a probability measure space whose elements are ordered 


pairs (x, y). The variables x, y are to be identified as the possible 

tranamı tta rl angy POANANIWAO cimnala nt mn lan Aiaratinn m T nt 11a 

VIGALLISILILLUTU Allu LTUUDCLVU Nis lials Ui UUILIALIVIL £. LUCU Up 
1 


I ved some long 
call the set of all points whose x belongs to a subset S, of x points 
the strip over S,, and similarly the set whose y belong to S, the 
strip over S. We divide x and y into a collection of non-over- 


lapping measurable subsets X; and Y, ximate to the rate 


a ball 


advnoroa 


mV. \ 1 P(Xi, Y;) 
rt Ni ti 198 P(X) PUY) 


124 The Mathematical Theory of Communication 


P(X;, Y;) is the probability measure of the intersection of the 
strips. 








A further subdivision can never decrease R,. For let X, be 
Ainda intr VY — VI |1 VG awd lat 
aiviaea inio i = Ay T Ay anda iet 
P(Y.) =a P(X) =b+e 
™m/wis 7 m/w Tyr N 7 
P(X) = 6 P(X, Yı) =d 
D(V"\ — ap D/ Y! V.\ — > 
i \ 7 L i Vt) £1) Cc 
P(X, Y;) = d + €e 
Then in the sum we have replaced (for the X,, Y, intersection) 
d+e d e 
(d + e) log —;~ — by d log —- + e log 
alb + c) ab 
Ta fa aanas ah acer that oxeeith the, lienttatian aaan ALaern an 
It is easily shown that with the limitation we have on b, c, d, e, 


IA 
| 


and consequently the sum is increased. Thus the various possible 
subdivisions form a directed set, with R monotonic increasing 
with refinement of the subdivision. We may define R unambig- 
uously as the least upper bound for the R, and write it 


Pir, H 
This integral, understood in the above sense, includes both the 
continuous and discrete cases and of course many others which 
cannot be represented in either-form. It is trivial in this formu- 
lation that 1f x and u are in one-to-one correspondence, the rate 
from u to y is equal to that from z to y. If v is any function of y 
(not necessarily with an inverse) then the rate from x to y 18 


oroator than ar equ to tha t fro æ tn 4} nao m tho nalantlatinan 
Hil aves VLLOEALI Wl a ee al LCLich Aa m Xv va U ALU) ALI VLILI VWUWMIlIVULAaAUMUIVUIl 
of the approximations, the subdivisions < of y are e essentially a 





finer subdivision of those for v. More generally if y and v are 
related not functionally but statistically, i.e., we have a prob- 
ability measure space (y,v), then R(z,v) < R(z,y). This means 
that any operation applied to the received signal, even though it 


involves statistical elements, does not increase RA. 
Another notion which should be defined precisely in an ab- 
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stract formulation of the theory is that of ‘‘dimension rate,” 
that is the average number of dimensions required per second 
to specify a member of an ensemble. In the band limited case 
2W numbers per second are sufficient. A general definition can 


be framed as follows. Let f.(t) be an ensemble of functions and 
lat anf (fF) FALAI he a metric meaciurningae the “dictanre” fram f 
1CU PTLJ al), JB\E)) VE A WICTULICG PMieasulllig LUG UlstallGG ILO Ja 
i. f an thn iia. m r/r zana l, D nA N Jt .~wmnmann«y AITAN 
to JB Over the LIME 4l UM I\. IVI. S. AISCPCNAaANCy OVC! 


the least number of elements f 
which can be chosen such that all elements of the ensemble 
part from a set of measure ô are within the distance e of at 


least one of those chosen hne wa are envering the anare to 
ai AL WwW iL wide A ALUN Y Ww AL, WY WW VY wa ait ey VLL Wve Vs 
w<et th te Samant fuaa a ant pl amall wanciu7ns & WR. Jalanan the 
WIULIT € appall ITON a sev OI Siüadall Wicasure Oo We Qellle LIC 
dimension rate à for the ensemble by the triple limit 
log N(e, ô, T) 
= Lim Lim Lim E 
6-0 e«e—0 T—~=oœ £ 10g € 


This is a generalization of the measure type definitions of dimen- 
sion in topology, and agrees with the intuitive dimension rate for 
simple ensembles where the desired result is obvious. 


